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Abstract
This study investigates the impact of X on political discourse and hate speech in Finland, focusing on Muslim and LGBTQ+
communities from 2018 to 2023. During this period, these groups have experienced increased hate speech and a concerning
surge in hate crimes. Utilizing network analysis methods, we identified online communities and examined the interactions
betweenFinnishMPsand these communities.Our investigation centeredonuncovering the emergenceof networks propagating
hate speech, assessing the involvement of political figures, and exploring the formation dynamics of digital communities.
Employing agenda-setting theory and methodologies including text classification, topic modeling, network analysis, and
correspondence analysis, the research uncovers varied communication patterns in retweet and mention networks. Retweet
networks tend to be more fragmented and smaller, with participation primarily from far-right Finns Party MPs, whereas
mention networks exhibit wider political representation, including members from all parties. Findings highlight the Finns
Party MPs’ significant role in fostering divisive, emotionally charged communications within politically segregated retweet
communities, contrasting with their broader engagement in mention networks. The study underscores the necessity for cross-
party efforts to combat hate speech, promote inclusive dialogue, and mitigate political polarization.

Keywords Hate speech · LGBTQ+ ·Muslims · Social media · Network analysis · Agenda setting · Finland

1 Introduction

In the rapidly evolving landscape of digital communica-
tion, social media platforms, especially X (ex-Twitter), have
emerged as pivotal arenas for political discourse [1]. This
transformation has profound implications for public dia-
logue, policymaking, and the dynamics of social interaction
[2, 3]. In Finland, as in many other nations, X has become
not just a tool for communication, but a significant influencer
in affecting political agendas and public opinion [4].
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Previous studies have highlighted the platform’s role in
disseminating political information [5], mobilizing support
[6], and framing political issues for the Finnish political con-
text [7]. However, alongside its role in enriching democratic
discourse, X has also been identified as a breeding ground
for hate speech, particularly targeting marginalized commu-
nities such as Muslims and LGBTQ+ individuals [8].

Our study delves into this dichotomy, examining the dual
role of X in facilitating political engagement while also serv-
ing as a conduit for hate speech.We focus on a comprehensive
dataset collected from 2018 to 2023, encompassing a wide
spectrum of interactions and narratives on Finnish X. This
dataset is unique in its inclusion of tweets targeting Muslims
and LGBTQ+ people, providing a broad context for under-
standing the nature and impact of hate speech in the digital
public sphere [9, 10].

Additionally, this research incorporates an analysis of the
X accounts of all Finnish parliament members. This aspect
is critical in understanding the political dimensions of digital
discourse in Finland [11], which emphasizes the growing
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influence of political actors on social media in shaping public
opinion and policy debates [12].

Our study aims to offer a nuanced exploration of howX, as
a digital platform, contributes to the proliferation of political
discourse and hate speech. By examining the interactions and
narratives surrounding Finnish parliament members and the
targeted communities, we seek to uncover the patterns and
themes that define the digital political landscape in Finland
[1].

In doing so, this research not only contributes to the
broader understanding of social media’s impact on political
communication [13] but also offers insights into the specific
context of Finland, a nation with its unique political and
social dynamics [4]. This study, therefore, stands at the inter-
section of digitalmedia studies, political communication, and
social policy, offering valuable perspectives for academics,
policymakers, and practitioners alike [14].

More specifically, this research is guided by the following
key questions: (a) How have hate speech networks emerged
on X, and what are the notable differences between retweet
and mention networks? (b) To what extent are politicians
involved in these discussions, and is there a variation in
involvement across different political parties? Finally, what
types of digital communities have formed around these dis-
courses, which hate speech themes have they prioritized, and
what roles or statuses do politicians hold within these com-
munities?

2 Agenda-setting theory in the digital age

Agenda-setting theory (AST), as initially conceptualized by
McCombs and Shaw [15], posits that themedia play a critical
role in shaping public discourse by determining the salience
of issues in the public mind. The media’s influence lies not in
persuading the audience what to think, but in dictating what
topics are to be thought about (McCombs & Shaw, 1972).
In the digital era, this theory takes on new dimensions with
social media platforms, including X, which blend the roles
of information creators and consumers [16].

X’s unique structure, characterized by brevity and imme-
diacy, has reinvented the ways in which information is
disseminated and agendas are set [5]. Politicians utilize X to
bypass traditional media filters, directly reaching and influ-
encing the public [16]. The rapid dissemination and feedback
mechanisms intrinsic to X amplify the agenda-setting capac-
ity of political actors, enabling them to shape public discourse
in real time [17].

Nonetheless, the dynamics of interaction between politi-
cal groups and the public take on a distinct form within the
realm of social media communication. On X, the intricate
transformation of agenda-setting is further nuanced by the

emergence of echo chambers [18], which significantly influ-
ence the trajectory of political polarization.

The phenomenon of echo chambers on X, where users
predominantly encounter views that reinforce their own,
exacerbates the effects of agenda-setting [19]. Such environ-
ments contribute to political polarization, as divergent groups
become increasingly insular [20]. This segmentation of the
public sphere significantly influences the nature of political
discourse and the efficacy of agenda-setting strategies on X
[21].

Furthermore, the advent of social media has notably aug-
mented public participation in the agenda-setting process,
empowering users to actively influence and shape the dis-
course. Contrary to traditional media, agenda-setting on X
involves a reciprocal relationship between political actors
and the public. The public is not merely a passive recipient
but an active participant, with the capacity to influence and
modify the agenda through mechanisms of engagement such
as retweets, likes, and replies [22]. This two-way interac-
tion offers a more nuanced understanding of agenda-setting
dynamics in the digital realm [23].

We have employed AST as our conceptual framework to
systematically analyze the dissemination of hate speech on
X, providing insights into how certain actors use divisive
rhetoric to influence public discourse [24]. The analysis of
content, frequency, and public engagement with hate speech
tweets reveals the priorities and strategies of political groups
in shaping public perception [25].

Moreover, understanding the agenda-setting role of X in
the context of hate speech is crucial for comprehending the
broader implications for democratic discourse and public
policy. It sheds light on how digital platforms contribute to
the shaping of societal norms and values, and the potential
need for regulatory interventions [26].

In this study, we employed a comprehensive suite ofmeth-
ods—text classification, topic modeling, network analysis,
and correspondence analysis. These approaches synergisti-
cally facilitated our analysis of the data, aligning seamlessly
with the AST framework. Text classification in our study
refers to the application of Natural Language Processing
(NLP) to systematically categorize tweets from our dataset
[27]. This methodology, supplemented by qualitative analy-
sis, enables us to identify patterns and trends in the discourse
on X by focusing on threads rather than solely on keywords.
This comprehensive approach is essential for understanding
the dynamics of hate speech, as it merges qualitative and
quantitative analyses to provide a more thorough insight.

On the other hand, by identifying distinct thematic cat-
egories with the topic analysis, these results highlight that
the dominant hate speech themes represent the agendas set
by various political groups and actors on X. This aligns with
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McCombs and Shaw’s (1972) proposition thatmedia, includ-
ing new forms like socialmedia, play a crucial role in shaping
the salience of issues.

The community detection outcomes reveal how political
groups and their followers create echo chambers, a phe-
nomenon significant in the digital agenda-setting process
[20]. To better understand the influence of socialmedia on the
spread of hate speech, it is essential to recognize the infras-
tructural and algorithmic impacts that guide users toward
specific types of content [28]. The algorithms controlling
content visibility on these platforms frequently establish echo
chambers, which not only reinforce pre-existing biases but
also risk radicalizing individuals by progressively exposing
them to extremist material [29–31]. Such echo chambers
contribute to polarized agenda-setting, amplifying particu-
lar hate speech narratives within certain groups [19]. This
effect emphasizes the significant role that digital platforms
play in forming social identities and influencing public dis-
course [32]. Finally, the correspondence analysis provides a
nuanced understanding of how different political groups pri-
oritize specific hate speech themes [33]. This aligns with the
view of the dynamic nature of agenda-setting in the digital
age, where public feedback, in this case through retweets and
mentions, influences the prominence of specific topics [23].

3 Hate speech context in Finland

In the context of Finland, both the Muslim community and
LGBTQ+ groups have been subject to hate speech and an
alarming rise in hate crimes. Recent data highlights a signif-
icant surge in reported hate crime incidents targeting these
communities. Specifically, in 2021, there was a noticeable
rise in hate crimes against Muslims, with reported cases
increasing by 44%, from 39 to 55. Subsequently, in 2022,
there was a further 9% rise, totaling 60 cases [34, 35]. Like-
wise, hate crimesmotivated by the victim’s sexual orientation
witnessed a substantial escalation, with a staggering 85%
increase in 2021, as reflected in the jump from 68 to 126
reported cases. This trend persisted in 2022, with an 11%
increase, resulting in 140 cases [34, 35].

In the contemporary digital landscape, where the perva-
sive influence of social media reigns supreme, an intriguing
phenomenon takes center stage. The primary disseminators
of hate speech predominantly comprise far-right political
parties, their supporters, and anti-immigration activists [36,
37]. They leverage the reach of social media to propagate
hate speech and radicalize individuals by exploiting con-
cerns surrounding immigration and cultural identity [38]. In
an attempt to mitigate the impact of their incendiary rhetoric,
politicians often resort to blame deflection and justifications,
a phenomenon termed covert hate speech, with the guise of
protecting the nation [39–41].

Political actors employ these digital platforms to influence
public discourse, perpetuating a distinct “us versus them”
narrative [42, 43]. This approach not only fosters group cohe-
sion within party politics but also marginalizes perceived
outsiders [37]. Notably, far-right groups skillfully utilize
these online channels to reinforce traditional gender norms
to marginalize LGBTQ+ individuals or depict migrants as a
threat to the country [7, 44].

Within the Finnish context, anti-immigrant and xenopho-
bic rhetoric has firmly entrenched itself in public discourse,
primarily promoted by far-right groups such as the Finns
Party [37, 45]. This rhetoric frequently targets Muslims and
portrays Islam as a threat to Finnish values and gender equal-
ity [46, 47]. Far-right groups often intertwine anti-immigrant
arguments with gender politics, ostensibly advocating for the
protection of women and LGBTQ+ individuals through their
opposition to Muslim immigration. However, this is often
a strategic maneuver aimed at controlling immigrant men
rather than a sincere commitment to empower women [7].

Central themeswithin far-right hate speech center on safe-
guarding the nation and traditional values from perceived
external threats like immigration and Islam [7, 47]. Their
primary targets are Muslim immigrants, frequently depicted
as a unified patriarchal group that poses a threat to Western
liberal values and the principles of Islam. Despite receiving
some nominal support from far-right groups, the LGBTQ+
community also endures unwarranted scrutiny [7, 47].

On the political spectrum, there is a clear division. More
progressive entities champion causes like gender equality,
LGBTQ+ rights, and multiculturalism, positioning them-
selves as countering forces against the divisive rhetoric of
their far-right counterparts [48, 49]. Left-wing parties align
themselves with feminist causes, although a subset of them
resorts to populist rhetoric. In contrast, right-wing parties,
such as the Finns Party, strongly oppose progressive gen-
der policies, feminism, and multiculturalism [48, 49]. This
digital landscape also stands at the epicenter of convergence
between discussions involving Islam and conversations cen-
tered on sexual minorities [50].

4 Methods

4.1 Data

We utilized the R package academictwitteR [51] to gather
tweets from January 1st, 2018, to January 1st, 2023. Guided
by existing literature, our team identified potential instances
of hate speech by searching for keywords previously estab-
lished [52, 53]. Specifically, we assembled data related to
LGBTQ+content using 13 search terms,which encompassed
199 variations. Similarly, for content related to Muslims,
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we employed 14 keywords and their 221 respective vari-
ations (refer to Table 1 in the supplementary file). These
terms accounted for various linguistic aspects of the Finnish
language, including inflections, conjugations, and specific
phrasings. We compiled a corpus of 320,045 tweets, origi-
nating from 30,360 distinct X profiles. The research received
ethical clearance from the Ethics Committee at the Finnish
Institute for Health and Welfare (THL) due to its focus on
individuals and their opinions.

To analyze the role of Finnish parliament members (MPs)
in a network, we collected X handles for MPs serving in the
last two terms. The first term spanned from 2019 to 2023, and
the second from 2023 onwards. We intentionally included
MPs serving consecutive terms for their continued political
influence throughout our study period. The Finnish Parlia-
ment has 200 members; we identified 183MPs’ X handles in
the first term and 186 in the second. Notably, 128 MPs have
been in office since 2019. In total, our dataset comprises 271
unique X handles from nine parties across both terms.

4.2 Text classification

We adopted a framework for hate speech classification
developed by Waseem and Hovy [54] and McIntosh [55],
consisting of 11 categories. This framework provides a com-
prehensive set of criteria for identifying hate speech, which
includes the use of slurs or attacks targeting minorities,
attempts to silence or misrepresent minority groups through
unfounded claims or strawman arguments, the promotion of
violent ideologies or problematic hashtags, negative stereo-
typing, and the defense of xenophobic or sexist viewpoints.
Additionally, it considers ambiguous cases where offensive
screen names or content meeting other criteria are present.
This multifaceted framework offers a robust approach to
classify various manifestations of hate speech in different
contexts.

To enhance its comprehensiveness,we expanded our study
to address numerous intricate issues. We trained our expe-
rienced annotators on various facets of hate speech, which
include, but are not limited to, the identification of target
groups [56], deciphering humor [57], sarcasm, polysemy
and interpreting emojis [58–61], discerning both implicit
and explicit forms of hate speech [40, 41, 62], offensive
language [54, 55], as well as hostility, criticism and counter-
speech [63–65]. For simplicity,we classified tweets into three
categories regarding hate speech: "hate speech" if any such
content is identified, "no" if none is present, and "not sure"
if the determination is unclear.

Sentiment analysis, which categorizes posts as negative,
neutral, or positive, plays a critical role in identifying implicit
hate speech. This analytical tool complements human judg-
ment by detecting subtle negative expressions [58] that

annotators may not explicitly classify as hate speech. How-
ever, they often perceive these expressions as having an
overall negative tone toward targeted groups.

Overall text classification involves three consecutive
stages: annotators initially identify target groups (Muslim,
LGBTQ+, both, or neither), then evaluate the tone of the
text based on sentiment, and finally label it according to hate
speech classification labels.

For computational text classification, we randomly
selected 4381 tweets, excluding retweets, short posts (less
than 30 characters), and URL-only posts. Four native
Finnish-speaking assistants classified tweets. We used Krip-
pendorff’s analysis to assess the annotator inter-rater reliabil-
ity. Following 10 iterative training sessions, we achieved the
highest IRR scores for target group classification (0.84), sen-
timent categories (0.67), and hate speech detection (0.64).1

The lower agreement score partly results from annota-
tors’ unfamiliarity with Muslim culture and its contexts
[66]. The complexity of accurately identifying hate speech
is heightened when topics encompass Islamic terminolo-
gies, including beliefs, practices, Quranic verses, and Sharia
laws, due to their culturally specific nature [67, 68]. Sub-
jectivity in hate speech annotation can lead to discrepancies
among annotators, a phenomenon that not only presents chal-
lenges but also offers valuable insights for understanding the
nuanced interpretations of Islamic concepts, such as taqiyya,
and cultural practices mistakenly perceived as religious
beliefs [69, 70]. Through topic analysis, this investigation
reveals the intricate dynamics between cultural interpreta-
tions and hate speech classification, highlighting the need
for a nuanced approach in addressing hate speech target-
ing Muslim communities (see Table 6 in the Supplementary
Materials for examples of complex tweets).

We used the BERT model, specifically the FinBERT
model, due to its efficacy inNLP tasks [71, 72].Wefine-tuned
it on training data, resulting in five models: target classifi-
cation, sentiment classification (LGBTQ+ and Muslim), and
hate speech classification (LGBTQ+andMuslim). The target
classification achieved an accuracy of 0.94, while LGBTQ+
models outperformed Muslim models in sentiment and hate
speech classification (Table 2 in the supplementary file).

4.3 Topic analysis with BERTopic

Topic modeling, like BERTopic, identifies and analyzes top-
ics within text collections. BERTopic, a Python library [73],
clusters posts based on semantic similarity using BERT

1 A score of 0.8 or higher is considered excellent inter-rater reliability,
indicating strong agreement among the coders. A score between 0.67
and 0.8 is considered good inter-rater reliability, while a score between
0.5 and 0.67 is considered moderate. A score below 0.5 is considered
poor and suggests that the coders have little agreement.
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embeddings. Recent research [74] finds BERTopic superior
to alternatives like Top2Vec, NMF, and LDA, offering dis-
tinct topics and novel insights from similar texts. In this study,
we use BERTopic to extract topics from hate speech tweets.
BERTopic follows customizable steps: extracting embed-
dings, dimension reduction, clustering, tokenizing, applying
weighting, and fine-tuning representation (refer Table 3 in
the supplementary file).

4.4 Network analysis and community detection

We opted for the Leiden algorithm, well suited for intri-
cate, directed networks like those found in X activities, due
to its proficiency in handling directionality, a crucial fea-
ture for analyzing retweets and mentions [75]. This choice
is informed by its superior performance with directed data,
in contrast to the Louvain and Newman algorithms, which
are primarily designed for undirected networks and are more
commonly used in this domain.Notably,when appliedwithin
the R programming language using the leidenAlg package, it
facilitates a comprehensive examination of these networks,
encompassing retweet and mention structures. This analysis
gains particular significance when investigating the dissemi-
nation of hate speech. The directional Leiden analysis, which
interprets retweets as endorsements and mentions as direct
engagements, allows for the segmentation of the X commu-
nity into distinct clusters [76].

4.5 Correspondence analysis

To understand the alignment between the topics of hate
speech and the identified communities, correspondence anal-
ysis was applied. This technique is particularly useful in
revealing the relationships between categorical data, in this
case, topics and communities, offering insights into which
political groups prioritize certain hate speech narratives [33].

Correspondence analysis (CA) serves as a data visualiza-
tion technique suitable for cross-tabulated data, offering a
two-dimensional graphical representation of counts or ratio-
scale data (Greenacre, 2010).Much like principal component
analysis does for quantitative data, CA enables the summa-
rization and visualization of information in datasets with
multiple interrelated variables [77]. Through the extraction
of principal components, which are linear combinations of
the original variables, CA simplifies the representation of
crucial information from complex multivariate data.

For conducting inferential tests with CA, we employed
the factorextra package in R. This algorithm generates vari-
ous outputs, including eigenvalues, Chi-square test statistics,
and plots. The biplot, a widely used visual tool, illustrates
the overall data structure by plotting rows (categories) and
columns (variables) as points in a lower-dimensional space.
The horizontal and vertical axes of the biplot correspond to

dimension 1 and 2, respectively, capturing the most substan-
tial and second-most substantial sources of variation in the
data. Furthermore, squared cosine (cos2) values offer insights
into how effectively individual row/column points are repre-
sented by the axes in the factor map, indicating their quality
in the multivariate analysis. The biplot visualization sheds
light on the relationship between topics extracted from mis-
information data and the communities within the existing
network.

5 Findings

Our assembled corpus contained 263,103 tweets, originating
from 24,185 unique Twitter profiles. This dataset included
55,411 individual tweets (those without mentions), 174,076
mentions (encompassing replies, comments, and mentions),
and 33,616 retweets. Within this collection, a consider-
able majority of the posts, numbering 190,705 (72%), were
directed at Muslims, whereas 72,398 posts (28%) focused on
LGBTQ+ individuals. The text classification model catego-
rized 63,067 of these tweets as hate speech, which constitutes
24% of the entire dataset. Of these hate speech tweets, a
significant 87% (54,606 tweets) targeted Muslims, with the
remaining 13% (8,461 tweets) aimed at LGBTQ+ individu-
als.

Figure 1 demonstrates a rising trend in hate speech
volumes against both Muslims and LGBTQ+ individuals.
Timeline analysis, however, uncovers differing trajectories:
there is a steady, cumulative rise in hate speech concerning
LGBTQ+ individuals. Conversely, the trend amongMuslims
shows a general increase but with notable variations. These
variations often reflect event-driven discussions that provoke
moral shocks [78]. Such shocks occur when people express
strong emotions and moral condemnation in response to cer-
tain events or situations [79].

5.1 Topic modeling

Topic modeling of hate speech posts revealed 41 distinct top-
ics targeting LGBTQ+ individuals and 32 topics targeting
Muslims (for detailed information, refer to Tables 4 and 5 in
the supplementary file). Notably, the higher diversity of top-
ics for LGBTQ+ individuals, despite their smaller volume
of posts, contrasts with the relatively fewer topics identi-
fied for Muslims, even with a larger volume of posts. Due
to page constraints, we focus on the relationship between
communities and topic distribution within the framework of
CA. However, a more extensive discussion of these topics,
situated within the Finnish political and social context, can
be accessed in the authors’ previous work [80] utilizing the
same dataset.
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Fig. 1 Temporal analysis of hate
speech post trends

5.2 Retweet network

By employing the directional Leiden community detection
algorithm, we have identified a total of 188 communities.
However, the majority of accounts are accumulated in a few
larger communities. Specifically, only 10 communities have
over 100 members and they contain more than 78% of all
accounts in dataset (Fig. 2).

As illustrated in Fig. 3, when we apply a filter to iso-
late communities with membership sizes exceeding 140, we
find that only seven Finns Party members remain within this
subset. This observation suggests that Finns Party members
tend to gravitate toward larger communities that share hate
speech content. However, it is worth noting that their influ-
ence within the network is not particularly robust. The most
activeMPwithin these communities has only been retweeted
six times.

Eight distinct communities were included into the CA.
These communities exhibited a range of membership sizes,
with the largest encompassing 335 individuals and the small-
est, constituting the eighth group, comprising 135 members.
For analytical robustness, only topics exceeding a 0.75
threshold in topic contribution scores were retained. This
threshold ensures focus on the most relevant and significant
topics within each community (For an overview of the topic
distribution at the 0.70 threshold, see Figure 1 in the supple-
mentary file).

Fig. 2 Proportional distribution of members across retweet communi-
ties

A notable divergence in topical interests is observed
among Communities 3, 4, 7, and partly 6, as depicted in
Fig. 4. This divergence suggests these communities have dis-
tinct thematic focuses compared to the remaining groups.
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Fig. 3 Network graph of retweet communities with high membership

5.2.1 LGBTQ+ related topics

In the analysis, only two topics related to LGBTQ+ issues
exceeded the established threshold of 0.75 in topic contri-
bution scores, highlighting their significant presence within
the discourse. The first of these, topic L-09, which is mainly
about “Homophobia, and Gender Stereotypes” using food
preferences is apart from the other topics, it falls at the inter-
section of Communities 4 and 7.

The second, L-00, occupies a central position in the
topic landscape. This topic primarily explores “Resistance
to LGBTQ+ Visibility and Identity: Pride, Media, and Pub-
lic Life,” indicating a focal concern with the public portrayal
and societal acceptance of LGBTQ+ identities.

5.2.2 Criticism of Islamwithin religious context

Specifically, Community 3 displays a pronounced inclination
toward discussions involving Muslim-related topics, pre-
dominantly featured in categories M-22, M-10, and M-27.

These categories encapsulate specific thematic areas: M-
10 delves into "Interpretations of Violence and Scriptural
Justifications in Islam," M-22 explores "Islam and Slavery:
Discussions on Historical and Contemporary Perspectives,"
and M-27 critically examines "Jutta Urpilainen and Islam:
Criticisms and Accusations of Misrepresentation."2 Such
thematic concentration signals a unique discourse pattern
within Community 3, underscoring the heterogeneity in
community-based topic preferences.

5.2.3 Islam in European sociopolitical discourse

This section converges on a thematic nexus of integration,
tensions, and comparative perspectives regarding Muslim
immigrants within Finnish and broader European societies.
Central to this discourse is M-00, which scrutinizes “Islam
and Societal Integration in Finland,” shedding light on the

2 Jutta Urpilainen is a Finnish politician representing the SDP who acts
currently as the European Commissioner for International Partnership.
Her use of a black scarf during a visit to Abu Dhabi in 2022 caused a
negative uproar especially among the far-right.
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Fig. 4 Bivariate distribution of
retweet network communities via
correspondence analysis

complexities of cultural integration. Complementing this is
M-01, which delves into “Discrimination and Xenophobia
against Somalis,” thereby highlighting the ethnic-specific
hate speech toward this group.

M-02 further explores the dynamic interplay between
“Gender Equality and Religious Practices,” revealing the
tensions between progressive social values and traditional
religious norms. In a comparative vein, M-04 presents a jux-
taposition of “Muslim Refugees with Ukrainian Refugees,”
offering insights into the differential perceptions and treat-
ments of diverse refugee populations.

Other salient topics includeM-08,which investigates “Re-
ligious Tolerance and Conflict: Islam and Christianity in
Europe,” providing a lens through which to view interfaith
dynamics. Similarly, M-05 addresses “Religious Tensions
and Anti-Semitism in the Context of Immigration,” under-
scoring the multifaceted nature of religious interactions
within immigrant communities.

Further, M-12 discusses “Religious Extremism and Its
Impact on French Society,” andM-17 examines “Turkey, EU,
and Islam: Perspectives on Erdogan’s Policies and European
Relations,” each adding layers of complexity to the discourse
on Islam’s role in European public life. Meanwhile, M-03
takes a closer look at “Immigration Politics and Cultural
Assimilation in Sweden and Finland,” thereby contributing
a Nordic perspective to the conversation. M-28 rounds out
the discussion by focusing on “Islamist Terrorism and Nor-
way: Public Reactions and Concerns,” offering a case study
on societal responses to extremist threats.

Contrastingly, certain topics such as M-19, “Iran and
Women’s Rights: Struggle Against Islamic Laws and Patri-
archal Control,” occupy a more isolated position within this
thematic map, with Community 4 being its nearest cluster.
Similarly, M-16 and M-31, covering “Oulu and the Dis-
cussion on Sexual Assault Cases Involving Muslims” and
“Pekka Haavisto and Islam: Public Opinions and Criticism”
respectively, align more closely with Community 6. These
topics, while peripheral to the main cluster, contribute crit-
ical perspectives on specific issues, thereby enriching the
overarching discourse on Islam within European societies.

Collectively, these discussions encapsulate a comprehen-
sive and nuanced dialogue on the intersection of Islamic
identity with sociopolitical and cultural currents in Europe,
painting a detailed portrait of the multifarious experiences
and issues at the heart of this intersection.

5.2.4 Distribution of MPs

Upon examination of the participation patterns of MPs, it
becomes apparent that those affiliatedwith theFinnsParty are
inclined to engagewith larger communities.Within the scope
of the eight communities, a total of eight MPs from the Finns
Party have been discerned—allocating two to Community
1, two to Community 2, one each to Communities 5 and 6,
and two to Community 7. The MPs from the Finns Party
are predominantly clustered around the central axis of the
biplot, reflecting a diverse engagement with multiple topics.
This central placement suggests a broad interest from these
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Fig. 5 Proportional distribution of members across mention communi-
ties

MPs in topics of societal integration, cultural assimilation,
and religious tensions.

5.3 Communities in mention networks

Interactions within the mention network manifest either as
references to previously posted content or as direct engage-
ments with other users, which include mentioning or tagging
them while creating new content. The occurrence of hate
speech mentions is context-dependent, as users may tar-
get specific accounts, invite others to join discussions, or
involve oppositional parties. Mention activities highlight
greater efforts in agenda-setting, particularly in introducing
new topics to the discussions, engaging with related topics,
and emphasizing their importance. This variability leads to
mention networks encompassing all Finnish political parties.

Given the large volume of themention activity,we focused
on engagements that occurred more than once. Utilizing the
Leiden algorithm, we identified 87 communities. Similar to
retweet communities, a few clusters dominate the account
distribution, with only 12 communities exceeding 100 mem-
bers and the top 10 accounting for a remarkable 73% of
all accounts (Fig. 5). To facilitate clearer visualization, we
narrowed our analysis to communities with more than 150
members, resulting in eight larger clusters (Fig. 6). Within
these predominant communities, we found 16 MPs from the
Finns Party, 6 from the Centre Party, 5 each from the Greens
and the Left Alliance, 1 from Liike Nyt, 9 from the National
Coalition Party, 6 from the Social Democrats, and 3 from the

Swedish Party. This distribution mirrors the retweet com-
munity pattern, where Finns Party MPs are predominantly
associated with the larger groups.

Compared to the retweet network, Finns PartyMPs are far
more visible and active participants in the mention networks.
The current party leader holds the top spot with a staggering
600 mentions, followed in the third row by the former party
leader at 313 mentions. In stark contrast, other parties’ most
mentioned accounts pale in comparison: the Greens at 54
mentions, the Left Alliance at 134mentions, the Centre Party
at 40 mentions, the Social Democrats at 140 mentions, the
Swedish Party at 41 mentions, the National Coalition Party
at 113 mentions, and Liike Nyt with a mere 1 mention.

When comparing their influence within the mention net-
work, an activist3 tops the list with 1,014 mentions, followed
by the public broadcasting company Yle Uutiset with 922.
Other media organizations also feature prominently, with
Helsinki Sanomat receiving 499 mentions, Iltalehti 358,
and Ilta-Sanomat 345, all ranking in the top 10 mentioned
accounts. Additionally, another civil activist4 appears in the
top 10, while the remaining most mentioned accounts belong
to the Finns Party.

Our CA analysis focused on the top 10 communities,
whose membership sizes spanned from 142 to 419. The
results reveal that the majority of topics surpassing the 0.75
thresholds for topic contribution are clustered in proximity to
one another, with the exception of four distinct outliers (For
detailed information about the topic distribution at the 0.70
threshold, see Figure 2 in the supplementary file).Within this
thematic aggregation, only two topics pertain to LGBTQ+
issues (L-00 and L-01), while the remainder predominantly
focus on subjects related to Muslims (Fig. 7).

Out of the 10 communities analyzed, we identified 60
Finnish MPs actively observing/experiencing online hate
speech. These MPs represented a broad spectrum of political
ideologies, including the Centre Party (6 MPs), the Christian
Democrats (2 MPs), the Finns Party (16 MPs), the Greens
(6 MPs), the Left Alliance (5 MPs), Liike Nyt (1 MPs), the
National Coalition Party (14 MPs), the Social Democrats
(7 MPs), and the Swedish People’s Party (3 MPs). This find-
ing underscores the active participation of Finnish politicians
from across the political spectrum in online political dis-
course.

3 The mentioned activist belonging to the Kurdish minority in Finland
presents liberal positions and is actively engaged in dialogue with far-
right members.
4 Blogger and civil activist who is of Kurdish background and a sec-
ular Muslim, has often engaged in discussions heavily criticizing the
allegedly positive attitudes left-wing politicians represent concerning
radical Islam.
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Fig. 6 Network graph of mention communities with high membership

Fig. 7 Bivariate distribution of
mention network communities
via correspondence analysis
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5.3.1 LGBTQ+ related topics

The topic designated as L-00, which scrutinizes the “Resis-
tance to LGBTQ+ Visibility and Identity: Pride, Media, and
Public Life,” occupies a central position within the common
clustering of communities in theCAbiplot. This central loca-
tion indicates that, with the exception of Communities 1 and
6, the remaining communities are generally closer to each
other. This proximity suggests that they likely share more
common topics in their discussions, including perspectives
on LGBTQ+ issues. The near-universal centrality of L-00
within the biplot indicates a widespread engagement with
the topic, implying that discussions surrounding LGBTQ+
visibility and identity are prevalent and possibly contentious
across various community clusters. This suggests that, for
most communities, the theme of LGBTQ+ resistance in pub-
lic discourse is a salient issue that garners significant attention
and conversational alignment. Here, “resistance” specifically
refers to the denial of LGBTQ+ individuals’ rights and pres-
ence in public spaces, highlighting a critical area of debate
and discussion across these communities.

On the other hand, L-01 is situated peripherally relative to
the others and primarily encompasses debates surrounding
“Naming and Shaming in Political Contexts: Political Fig-
ures, Organizations, and Controversies.” This topic is most
closely associated with Community 1, suggesting targeted
engagement.

5.3.2 Criticism of Islamwithin religious context

The three topics in question coalesce around a critical exam-
ination of the foundations of Islam as a religious and belief
system, each addressing a specific facet of this overarching
theme. Topic M-10 ventures into the contentious “Interpre-
tations of Violence and Scriptural Justifications in Islam,”
probing the theological debates within Islamic discourse.
Similarly, M-22 engages with “Islam and Slavery: Discus-
sions onHistorical andContemporaryPerspectives,” offering
complex narratives surrounding the issue over time. Fur-
thermore, M-30 navigates the discourse on “Jari Taponen
and Jihadism: Public Perspectives on Law Enforcement
Approach,” encapsulating public opinion and critique regard-
ing counter-jihadism strategies and lawenforcementmethod-
ologies.

The separation of these topics from the main cluster in
the CA biplot and their strong association with Commu-
nity 6 highlight their unique character and focused discourse.
This alignment suggests a deeper engagement with critical
perspectives on Islam within Community 6. Notably, Com-
munity 6 has the second-largest number ofMPs (9), including
3 from Swedish, 2 from Social Democrats, 3 from National
Coalition Party, and 1 from Centre Party. This community

sits between two prominent thematic foci: the critical per-
spectives on Islam and the political and social dimensions of
Muslim immigration.

5.3.3 Political and social dimensions of Muslim immigration

This cluster of topics primarily revolves around political and
societal issues related to the Muslim presence in both Fin-
land and the broader European context. This cluster includes
topics such as M-31, “Pekka Haavisto and Islam: Public
Opinions and Criticism,” which probes the public discourse
and critique surrounding a prominent Finnish political figure
and Islamic issues. Alongside this, M-17, “Turkey, EU, and
Islam: Perspectives on Erdogan’s Policies and European
Relations” offers insight into the intricate dynamics between
Turkish policies under Erdogan and their implications for EU
relations.

Also central to this segment areM-19, “Iran andWomen’s
Rights: Struggle Against Islamic Laws and Patriarchal Con-
trol,” which tackles the contentious issues of women’s rights
and the resistance against religious and patriarchal struc-
tures in Iran, and M-00, “Islam and Societal Integration in
Finland,” which explores the integration of Islam into the
societal fabric of Finland. Likewise, M-06, “Challenges and
Perceptions of Muslim Immigration in Europe,” delves into
the complexities and public perceptions of Muslim immi-
gration on the continent, while M-08, “Religious Tolerance
and Conflict: Islam and Christianity in Europe,’” examines
the interplay of religious coexistence and contention between
Islam and Christianity in the European milieu.

Geographically within the CA biplot, these topics occupy
a region connecting Community 6, positioned at the upper
end, with Communities 2, 3, and 8. This spatial distribution
highlights a concentrated dialogue within these communities
on the political and social dimensions of Muslim iden-
tity and its intersection with Finnish and European culture.
This engagement with these topics underscores a critical
examination of the multifaceted relationship between Mus-
lim communities, political policies, and societal integration
across Europe. Unsurprisingly, Communities 2 and 6 are the
most active politically, given their focus on the political and
social dimensions of Muslim immigration discussions. This
is reflected in the fact that Community 2 has the largest num-
ber of MPs (12), including 5 from the Finns Party, 3 from
the Left Alliance, 3 from the National Coalition Party, and 1
from Social Democrats. Similarly, Community 3 has 3 MPs
from the Finns Party and one from Liike Nyt.

5.3.4 Comparative and practical aspect of Muslim
immigrants

The final thematic cluster in the CA coalesces around prac-
tical considerations of Muslim immigration, cross-cultural
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interactions, and the varied responses of European societies
to these phenomena. Central to this segment is M-03, “Im-
migration Politics and Cultural Assimilation in Sweden and
Finland,” which scrutinizes the policies and societal pres-
sures influencing the cultural integration of immigrants in
these Nordic countries.

Adjacent to this is, topic M-21, “Central and Eastern
European Countries and EU: Debates on Immigration, Mul-
ticulturalism, and Islam,”which encapsulates the contentious
debates surrounding immigration and the place of Islam
within the multicultural tapestry of the European Union,
particularly focusing on the Central and Eastern European
perspective.

Topic M-24, “Islam, the Left, and the Far-Right: Polariz-
ing Views on Ideological Alliances and Threat Perceptions,”
presents an exploration of the complex and often polarized
ideological views on Islam, spanning the political spectrum
from the Left to the Far-Right. Similarly, M-05, “Religious
Tensions and Anti-Semitism in the Context of Immigration,”
investigates the intersection of religious diversity and the
resurgence of anti-semitic sentiment within the context of
immigration.

Further topics such as M-07, “Discrimination and Vio-
lence Against Sexual Minorities in Religious Contexts,”
delve into the specific challenges faced by sexual minorities,
particularly within religiously conservative environments.
Topic M-14, “Finns Party and Immigration: Discussion on
Nationalism, Islam, and Women’s Rights,” critically exam-
ines the discourse on nationalism and its interrelation with
Islam and gender issues, as propagated by the Finns Party.

Additionally, M-04, “Comparison of Muslim Refugees
with Ukrainian Refugees,” draws a comparative line between
different refugee groups, highlighting differential treatments
and perceptions. Lastly, M-01, “Discrimination and Xeno-
phobia against Somalis,” addresses the specific experiences
of Somali immigrants, marked by xenophobia and discrimi-
nation.

Collectively, these topics aggregate around more tangi-
ble aspects of theMuslim immigration experience, including
national practices, the comparative analysis of immigrant
groups, and the social and political responses that these
groups elicit within European countries. This cluster reflects
a broad and multifaceted discourse that is central to under-
standing contemporary immigration dynamics and the evolv-
ing cultural landscape of Europe.

Between the overarching thematic dimensions described
above, Community 5 emerges as a pivotal entity, function-
ing as a bridge between these discussions. This intermediary
positioning of Community 5 suggests its unique role in nav-
igating both the theoretical aspects of Muslim integration
and the more tangible, policy-oriented discussions, in topics
such as M-05, M-07, and M-17. In terms of parliamentary
engagement, there is a distinct pattern within Community

5. The Members of Parliament (MPs) from the Finns Party
are notably active, with five representatives participating in
the dialogue. Additionally, one MP from the Centre Party is
present, which indicates that this community representsmore
likely right-wing perspectives.

6 Discussion

In the retweet networkswe studied, exclusive participation of
the Finns Party members was evident. In contrast, the men-
tion networks displayed a broader political representation,
encompassing members from all parties. A notable trend in
the data was the heightened presence of far-right and other
right-wing partymembers, with theGreens being the primary
target among the opposition parties, along with more general
category of “tolerant” people [50].

Analyzing the content of thesemention networks reveals a
specific pattern: liberal parties, particularly those advocating
for immigration and LGBTQ+ rights, frequently became tar-
gets of hate speech. Similar dynamics have been identified in
previous qualitative studies and in different platforms as well
[81, 82]. Interestingly, the discussions analyzed here often
involved members of far-right parties, who were actively
engaged in initiating or contributing to the dialogues. A com-
mon strategy in these mention networks was to tag multiple
accounts within a single post, aiming to disseminate the mes-
sage widely and rapidly.

These observations suggest that while hate speech per-
vades mention networks across the political spectrum, direct
engagement in its spread, notably through retweet networks,
is largely confined to a subset of far-right party mem-
bers [83]. Importantly, these exchanges are not restricted
to obscure forums but occur on highly visible, public plat-
forms, involving a wide range of political actors. Differing
patterns between trends in hate speech targetingMuslims and
LGTBQ+ people, showing the former trendline proceeding
with notable peaks, indicate a more reactive approach toward
the former, whereas the latter seemingly follows a certain
lower baseline, although also continuously growing.

The growth is interesting in the light of the relatively low
level of migration from the Muslim countries to Finland dur-
ing the period of this study especially when compared to the
so-called migration crisis in 2015–2016. The continuously
growing level of hate speech suggests that Muslimmigration
is used increasingly as an issue independent of the reality of
migration and to produce a crisis mentality. This most likely
also reflects the changes in the Finns Party positions toward a
more radical direction [84], considering the central position
of current andprevious party leaders in themention networks.
The crises are also a part of the strategy of the populist parties,
for which the “existence and continued success is reliant on
the continued propagation and perpetuation of crisis” [85].
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Therefore, keeping the issue on the agenda is highly rele-
vant for them. Furthermore, as also indicated by our topic
analysis which suggested among others the resurgence of
anti-semitism in the context of immigration, marginalizing
rhetoric targeting explicitly one group may nevertheless lead
to marginalization of other minorities as well [86, 87].

Previous studies also suggest that especially anti-
immigration rhetoric is often followed by external events [78]
and is in this sense reactive. Reactive nature on the other hand
does not exclude its own agency but may be seen in the light
of how far-right actors also challenge the traditional media
and their gatekeeper power. Our topic analysis indicates they
want actively to provide an alternative framing to the news
shared and discussed in the mainstream media. This may
additionally reflect the differing salience of these issues on
the agenda of the far-right in Finland.

Certain themes are prioritized by the far-right partieswhen
those fit their agenda. Migration is the key mobilizing ele-
ment in the rhetoric of the populist radical right, also among
the voters of the Finns Party [84], whereas anti-LGTBQ+
hate speech is perhapsmore advocated on the individual level
and by actors with no party affiliation, as suggested by the
more scattered nature of the topics in this category. Only two
LGTBQ+ topics in mention and retweet networks rose above
the established threshold in topic contribution scores. Along
with agenda setting, this relates to the thesis of issue owner-
ship. LGTBQ+ rights are discussed and supported actively
also on the other edge of the political field, but critical immi-
gration issues are often left to be dealt with by the far-right
[88]. Furthermore, as some studies suggest and our topic
analysis also indicates, thismay reflect the attempts to include
the LGTBQ+ people in the nationalist project against other
minority groups, especially the Muslims [89]. Although our
topic analysis suggests a shared perspective on the LGTBQ+
issues in several communities, this may therefore to some
extent be illusory.

Retweet communities, confirming the results of a recent
study [90], tend to be more politically segregated. Retweets,
amplifying the message, also typically signal endorsement
and positive engagement with the topic [91]. In our study,
notable is the total absence of other parties than the Finns
Party in the larger retweet communities which include hate
speech. This suggests, if not direct engagement, at least pas-
sive acceptance of the hate-filled parlances within a certain
subset of the party members, although the number of MPs in
these communities was rather low.

Populist communication logic prefers such issues that are
more emotional, thereby stirring conflict and heated dis-
cussion [92]. Engagement in emotional, often hate-filled
discussions can be detected also in the mention networks, in
which Finns Party leaders show very visibly. On the other
hand, as previous studies also show, they were not only
engaged in hate speech networks but also received a lot of

hate speech themselves, as did members of the other parties
with high social media activity [57, 93, 94]. Descriptions of
the topics in this study nevertheless indicate the Greens and
left-wing MPs are more often targeted, and certain named
left-wing or Greens Party politicians even come up as spe-
cific topics in our analysis.

The inclusion of the members of the other parties in
the mention communities, despite their potentially dialog-
ical nature, may additionally indicate increasingly polarized
attitudes, especially if done for the purpose of targeting.
Emotional pro et contra argumentation, however, also in
itself may increase the polarization. For the dynamics of
polarization, as previous studies suggest, both reactions and
counter-reactions are highly relevant [93]. Drawing mem-
bers of the other parties into the discussion may in this sense
serve the agenda-setting by the far-right as the discussion is
initially framed by them, drawing attention to the issues they
have the ownership of, and which are high on their agenda.

Given this context, the dynamics of the hate speech net-
works, agenda-setting, and polarization, parliamentarians, as
both observers and at times targets of such hate speech,
are uniquely positioned to lead proactive measures. The
fact that governments typically form multi-party coalitions
underscores the potential for collaborative, cross-party initia-
tives. Such efforts could significantly enhance legislative and
administrative strategies to combat hate speech, promoting a
more respectful and inclusive public discourse.

7 Limitations

This study is subject to several important limitations thatwar-
rant caution in applying our findings. Initially, the reliance
on X data introduces questions about its generalizability
beyond the platform’s user base. Although X granted con-
siderable access to researchers, aiding in data collection
during our research period, this accessibility has subse-
quently decreased. This reduction in access poses challenges
for conducting similar future studies on X.

Additionally, our analysis, centered on retweets and
mentions, does not illuminate individual tweeting behav-
iors. Further investigation is required, particularly regarding
the activities of certain Finns Party members in retweet
communities. Moreover, while our study sheds light on
agenda-setting and framing within the X environment, its
implications for the broader media ecosystem remain unex-
plored. This limitation suggests the need for additional
research to understand the full impact of these dynamics
beyond the confines of the platform.
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8 Conclusion

This study investigates the influence of hate speech on
political communication in Finland, with a focus on online
communities, the engagements of Finnish MPs, and their
impact on public discourse. It identifies a selective prioritiza-
tion of issues within communities, noting variations in MPs’
roles and stances across different topics and groups. Specifi-
cally, the research highlights the politically segregated nature
of retweet communities and the distinctive participation of
Finns PartyMPs in promoting emotionally charged, conflict-
driven communication. In contrast, MPs from all political
parties are engaged in mention networks, with Finns Party
MPs demonstrating more significant activity and impact.

The findings reveal a pronounced involvement of Finns
Party leaders in fostering divisive communication within
these networks, contributing to political segregation. This
behavior suggests that the strategic agenda-setting and fram-
ing by hate speech communities could exacerbate polariza-
tion, emphasizing the critical need for parliamentarians to
actively counteract hate speech and foster a more respectful,
inclusive public dialogue.

Moreover, the study calls attention to the urgent require-
ment for cross-party efforts to mitigate hate speech, aiming
to cultivate a more conducive atmosphere for democratic
engagement.
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