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Social media sites have appeared during the last 10 years and their use has exploded all over the world.
Twitter is a microblogging service that has currently 320 million user profilesoemd100million daily
active users. Many celebrities atehding politicians have a verified profile on Twitter, including Justin
Bieber, president Obama, and the Pope. In this paper we investigafeutidréds of Putmand Obama

S KH QR P&hQIRi@eY. We collectedwo data set in 2015 contairing 582 and6477 profiles that are
relatedto the G20 leader$ S U RohlT@ittey. The numbeof namesakesaried from 5 to 100@er leader
We analysé in detailvarious aspects of tHeutin and Erdogarelatedprofiles Forthe first onesve looked
into the language of the profiles, théollower sets, the addreés the profile and where the tweets were
really sent from. For both profilgetswe investigatd why the accounts were created. For this,deduced

12 categories based on the informatinrthe profileand the contentsof the senttweets The research is
exploratory in nature, but weentativelylooked into online identity communication angbolitical theories
that might explain emergence of these kinds of Twitter profiles.
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Many social media sites have been created during
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2.1 SomePreliminary Observations on
the Data

We first share some observations thate us clues
about possible reasofar the existence thousands of
accounts that are related with pubfigures. The
Russian president has two verified profiles,

sense Twittedefines it zor the people controlling
themwant tohide their true identithy XVLQJ 3XWLQTV
identity.

Looking at Obamaelated accounts we can
observe similar phenomena. There are almost 1000
accounts in our data set that aséated with Obama.
Some accounts indicate clearly that they are parody
accounts or falsupporteraccounts.There are also
accounts that claim to be controlled by president
Obama, but most probably are nBtesident Obama
only has two verified account@BarackObamand
@POTUS. Theformer was created as early as in

H3UHVIRAHGYW VLD #.UHPOLQS5XVNarghpZ007, thelgtter in June 2013 President

user_id205622130 an@96598 followersin March
2015, established in October 2016 English,and
WKH 5XVVLDQ SURILOH
#.UHPOL Q5 udef id 158650448 and
2139735 followersin March 2015, establishedn
June 2010lt is obvious that president Putin does not
havea need to establisimost 600 (actually almost
800 in Nov. 2015)profiles in Twitter for himself
under his name or under alias, although he might
have an accountarrying his own name. None of
those almost 600 matchingccounts we found is
verified, except the above two. Thus, wle not
know whether pesident Putin runs an account of his
own, under his hame or under some other idermtity
Twitter or not. Three accounts claim to be run by
Putin, @PutinRF_Eng lkdsover 225000 followers. It
joined Twitter in Nov. 2012 and has been active
until the last daysAnother account with the screen
name @PutinRF has ovemiillion followers and it
also says that it is an official accowftPutin. This
account mostly tweets in Russian ahds joined
Twitter in Dec. 2011@PutinRF_Ita also exists, but
it only has tweted a short timeFurther, there is an
account in Arabic with screen name
@Vladimirarabia, but it has beettive only a short
time in Sept. 2011. In the profile it clainte be
controlled by president Putin, as well. A fifth
account is@PutinRF2012 thatojned in Dec. 2011
but that account habeen passive since February
2012. It is claimed in the profilesf @PutinRF that

if Putin himself tweets, the tweet is signdxy
93 %I ,Q DQ\ FDVH
majority of the hundreds ofaccountscarrying his
name in the name field or in tlsereen name of the
profile are established and controlled mgher
people, partially also outside RusstBome of the

Obama Is controllig both, but mostly his aides
tweet through the formdunless tweet is signed hy

ulj BEOBMAsan examplecaf i confusimofile one can

pick one with the screen nan@Presidenandname

WS President New$ It is not verified andt also
states in the bio to benofficial, although it carries
the official seal of theJS president in its profile
picture. It was created in March 201has circa 50
thousandfollowers and has tweeted over 60000
times, i.e. tens of tweets per day in average. From
the contents of the tweeasidURLs it oftenincludes
into the tweetsone can conclude that it is critical
DERXW g pditied) fihile keeping ntieulously
track of his appearances and statemehts.better
understand what might be the reasons behind
creating SURILOHVY WKDW XWLOL]H WKH
identity to a smaller or greater extent, ¥irst look

at theorieghat might be of relevance in gaining

the phenomena.

2.2 Anonymity

Anonymity is the situation where the message
source is unknown or it is hidden to a large extent
(Scott, 2004) That means thathe personi.e. the
unique biological human beirggnding the message
is not identified by others(LapidotLefler and
Barak, 2012)

Staying anonymous is dependent and in
relation to acertain context and mediur(Suler,
2002) On the Internetthe amount of personal

LW LV KLJKifddrmatdm dgiverEraly b&Vokd3sd bWiKeHndividual;

therefore, online identity may be between true
anonymity and fully identifiedArdia, 2012) In the
latter case the digital identity (such as name, picture,
social security numberysedaddressetc.) used by

accounts announce in the profile that they are the communicating human being cantkeeced back

parody, commentary or fan accounts accorditm
Twitter rules(Twitter Help Center, 2014)ut most

to him or her with certaintylt is also dependent on
the online service usefZhao et al., 2008)and to

do not belong to these categories. Thus, it is possibleVhich extent it allows its users control their social

that they are impersonating presidenttiBuin the

presence through employment of various identity



cues(LapidotLefler and Barak, 2012)or instance,  difficulty of credibility evaluation on important
Twitter has the information using which IP address issues, and inability to get credit for input/ideas
the profile @PutinRF_Engwas created rad from especially in decisioimaking systemgScott, 2004)
which IP addresses it is beinged. But it does not may be listed as the problems anonymity creates on
necessarily know the real name of the person(s)cyberspace.
issuing the tweets. The users following the profile do
not even know the Haddresseslf the account is
verified, though, Twitter Inc. guarantees that the real 2.3 Identity and Impression
person or organisatiordéntified on the profile has Management
indeed created (or later rendered control over) the
profile and the issued tweets originate from this
identified sourceThis is a strong identity cue.

Online anonymity influences how the Internet is
used. The major effects mdye listed as online
disinhibition effect,enabling and encouraging free

expressionchanges in the quality and quantity of s A :
cog"nments andg exploitatio% ofythe Iﬂternety for treated, individuals try to control theimpressions
malicious éctivities. on people. Goffmalil959)calls this management of

Suler (2004) defines online disinhibition affect identity impression management. Leary and
as the less restrained behaviour on cylmssp Kowalski (1990) define impression management as
compared to faceo-face communication. It has two the behavioural attempt® influence the perception
types: toxic disinhibition and benign disinhibition. Of others about ourselves. Dividing their identity
Toxic disinhibition mplies usage of offensive into two, private andpublic; individuals adjust their
language, cruel comments, or surfing criminal public identity according to the situation by playing
websiteg(Suler, 2004) and it usually damages other condtional characters so that they appear attractive
SHR S OH Y \LapiBddlkflev and Barak, 2012) to people surrounding them, and they use their
Benign disinhibitionstands for the adutary effects  private identity as a preparation phase for their
that may cover sharing intimate information, or acts public performance. (Gaffian, 1959.) According to
of kindness or generosit{Suler, 2004) and may  Miller (1995)online communication provides a new
involve sef-therapeuticaleffects through increased platform for selfpresentation through assertions and
amount of confessional sedfsclosures (Belk, displays about the person. Especially online social
2013) networks enabeWKHLU PHPEHUV WR LQ 6>

Anonymity provides a safe haven for those who words (2003) 3W\SH RQHVHOI LQWR EHLQJ’
are afraid talisclosetheir identities when expressing people may show various features of their identity

their views(Santana, 2014)Therefore, it increases ; i
speech variety(Akdeniz, 2002) and encourages \(AgtLrI}Z;Jtztggz)obhgatlon to fully present themselves
d L

exchange of different types of information an Yet, the ubiquitous nature tffie Internet, and the

opinion (Kaye, 2015) Furthermore, it influences lative lack of trol th di itat
participating in processes of social and political refative lack of control on the audienaeecessiate

change(Hollenbeck and Zinkhan, 2006)ence it is that online identities are kept_L!nder control. And it is
essential in repressive regimes. To that effect, online€VeN more important farelebrities to do so because
social networks provide disguise for pilemocracy ~ ©f the commercial value of their identity and the
activists and journalist@odle, 2013) constant public scrdiny on them. The online
However, recent studies(Santana, 2014; identities of famous people are a continuum of their
Fredheim et al., 2015)show that anonymity brandeeselves and should continue to attract
decreases the level of civilityf @nline discussions, attention and to acquire cultural and monetary value
and when their identity is known people tend to (Marshall, 2010;Hearn, 2008)Politicians use their
comment less, pay attention not to make typos, online identities to communicate with voters and to
avoid obscene language and shift their remarks frommake politicalstatements without any intermediary

As a socially constructed concept, identity differs
from the sense of self because, it is the ways#ie
is known to others, and it requires existence of other
people (Altheide, 2000) Since how thddentity is
perceived by others affects the way the person is

personalities to issues. o media (Skogerbg and Krumsvik, 2015)Their
Unfortunately, anonymity enables exploitation of characterslisplayed on media convey their values,
the Internet for malicious purpcase as well and eventually this influences how their policies are

Spamming, deception, hate mailing, impersonation perceived by the citizens, and whether or not the
and_ mispresentation, online financial fraud public vote for them(Castells, 2007 Marshall,
(Christopherson, 2007Kling et al., 1999) cyber 2010) A unique example of how politicians use

smearing, flaming, online terrorist activities, various thair online presences is Barack ED P DV
forms of cybercrime such as higach paedophilia,



presidential campaign, during which he used the and circa 57.4 million followers), as well as two
Internet for organizing voters, fund raising, and verified accounts of the Russian prime minister,
advertisement (Kiss, 2008; Miller, 2008). The Dmitry Medvedev, @MedvedevRussia (with user_id
profile @BarackObama established in March 2007 153812887 and638691 followers) in Russiaand
was a part of thecampaignArtists use their online ~ @MedvedevRussiakwith user_id 153810519 and
presences as a continuum of theulturd merits 914990 followers) in EnglishThus, the entire data
along with their main art forrfMarshall, 2010) set contaned 582 profiles. We also collected all
followers of all those 582 profiles.
The second collection was performed in Nov.

3 CASE STUDIES Dec. 2015 directed towards the leaders of G20,
including Putin.We have used Twitter ARUnction
users/searchwith full name of country leadersaa
parameter In the latter collection we found 786
Putin related profilesLimitation of this approach is
that users/search returns only 1000 results.

We report herehe results mainly from the earlier

3.1 Data SetDescription

Our data set consists of semanually collected
accountsfrom Twitter that are related witliG20
leaders.The presidents or kings were selected from i . !
the nation states, unless they aegemoniaffigures collectionfor Putin, Medvedev and Obam&e did
like the Germanpundespresiderftand theQueen not collect followers for all the 477 profiles in Nov.
Elizabeth from UK From EU Donald Tusk and from  D&¢- 2015.

the European éntral Bank theDirector General

Mario Draghiwasincluded. From Russia data also Tablel: Number of Twitter Accounts for G20 Leaders

for Prime Minister Dmitry Medvedev was collected
> ! . # Related
The collection waperformed in two stagesn | Public Persona Profiles
March-April 2015 the searchengine of Twitterwas — -
used in order tdind all users with thekeywords like Cristina Fernandez de Kirchner >
#3IXWLQ SXWLQ RU |mretugned? K HMYIEBRATEARUN 54

over 600 users. Some of them are just quoting th .
ZRUG p3XWLQYT RU Imibg LQ wWkHI'MGPosEfwy  £xw plop¥in

600 have theFKDUDFWHU VWULQJ p3XwstiQifudeRW D VSHFLILF 168

modification of it (e.g. uSWLQY RU 938 ')éliﬂnpir%g 64
HimlbgY LQFOXGHG L Q\WRtoheH /FUHI_—Iﬁ obPH
name field of the account. We have selected to our] Francois Hollande 215
data set 579 accessible accounts where the characterangela Merkel 308
VWULQJ uSXWLQY RU D PRGLIL 4 030
of theletters have beereplaced by a corresponding | arendraiviod
capital letterappears as part of the screen name. In| Matteo Renzi 111
addition, we selected aliccounts where Putin or 3
' h Ab 46

some modification of it as above drmlbg RU !‘,S‘ inzo Abe
similar modification with capital letters as above) | Park Geun-hye 51
appears in the name liie Among those 579 most | Enrique Pena Nieto 320
caried USXWROQTUYODGLPLU SXWLQf  ZEWK—VRPH
additions or omissions in thepublicly accessible VladimiF Putin 786
screen  name, such as  @putinkgb  or | king Salman 559
@Putin_Vladimir. With these selection criteria we 7 1
have alscaccounts in our data set that are reatlly Jaco.b uma >3
related to presidenPutin, but a vast majority of | David Cameron 999
tf:.erﬁlar((aj..f}Ne also found circa ﬁﬁc?junts wgere a Barack Obama 997
slightly different screen name leads to theme

gnty Donald Tusk 72

user_id and account inside Twitter. Such an accoun
is included only once into our data set. Three | Mario Draghi 36
accounts had beedeleted or blocked and could not
be accessed at all. In additioem the 579 accounts
above, we included the accountspoésident Obama | TOTAL 6477
with screen name @BarackObatfuser id813286

Recep Tayyip Erdogan 201




3.2 Analysis of Putin Related Profiles
(Spring 2015Collection)

0000 offset, and with the resolution of one second,
but we only use the resolution @fday in our study.
From the userprofile records we extract the

As was discussed above, Russian president has twdollowing information:

officially verified profiles and some furtheprofiles
might be controlled by him oby his aides. One
indication of the realcontrolling entity might be
other leaders of Russia and leadefsother big
FRXQWULHYV ,QWHUHVW Ldfridial\
account folloved @Putin, @president_putin, and
@VladimirPutin, and both official accots of the
Prime Minister Medvedev above, but none of the
above verifiedaccounts of the Russian president.
@KremlinRussia_E folloed @BarackObama,

= user_id (id): what is the Twitténternal
unique identifier fothe screen_name

= account_created_at: the smallest timestamp
inside the record in any

S U H srédtet] @t¥dat@tinie. Bddetive() item

= tweets_protected: (protected; True/False)

= language (lang): language of the account (e.g.
HUXT pHQT

= location (location); claimed location of the
user

though. As can be expected, the prifkeL Q LV W H @ | Ybllowee_count (friends_count); number of

account folloved @KremlinRussia and
@KremlinRussia_E, eacbther, and the latter also
follows @BarackObama.None of the prime
PLQLVWH U folomsFtRdughQamibther of the
accounts in ouffirst data set,especially none of
WKRVH WKUHH 33XWLQV’ av¢dubtW
follows.

It is clear that mosof the profiles referring to
presidentPutin either by name in the name field or
in the screen namis not controlled by him or his
aides. This is because thentent is often critical of
him or ridiculing him and somerofiles tweet in
languages that aief less importance for thRussian
president. Some neofficial profiles also only have

otherprofilesfollowed by theprofile ,
= followers_count (followers_count); how many
followers theprofile has?
= number_of tweets (statuses_count);
many tweets thprofile has sent
S Hast activip\at: 2leDhyBe$ivtimestamp in the
created_at=datetime.datetime() item

how

The ODQJXDJH DWWULEXWH pODQJT
values in auser record. We observed that there
might be at most twalifferent in our data set. The
most often occurring is recordexd the language of
the profile. We found 274 profiles where the
language was Russia(ru), and 251 where the

a few tweets and the last tweet was issued yeardanguage was English (en).Spanish (es) was

back. Mostprofiles tweet in English. Somerofiles
announce theilocation, to be in Kremlin, in Russia,
or in other ountries, like iINUSA, or UK. Most do
not indicate location at alllThus, ourassumption is
that with a high probability president Putin hafew
accounts in Twitter that he or his aides are
controlling but vast majority are not controlled by
him or hisaides

3.3 UserProfile Data (Spring 2015
Collection)

We collected the complete profile for each user in
the above data set of 57frofiles and those of
Medvedev andbama. This is possible, even if the
tweets are protectedhere were 22rofiles where
the tweets were protected. \Warsed the usqrofile
data in order to get values for certaittributes. The
attributes in the useprofile records are mostly

recorded for 16 profiles Seven profiles were
categorized to use Japanese (jdpjor European
languages occurred as main language onpliefiles
for each language. In five cases we Idounot
determine the language from the upeofile record
automatically.

Of the accounts in our data set, circa 300 have
tweetedduring March 2015 and later. About 240
have not tweeteduring 2015 and 87 have not been
active since 2012.

3.4 Follower Data (Spring 2015
Collection)

For all 582profileswe collected all the followenae
could Therewereroughly 66.9 million of them. In
Table 1 allprofiles with more than 10000 followers
are shown in the order ascending creation datds.
we ignore those ith over 10000Gollowers the rest

named in a similar manner as below. We have takenof the prdfiles have at most 6000f@llowers and 97

the earliest point of time found in theser profile
record to mark thereation time and the latest point
of time anywhere in theecord asthe last activity
time. The times are given in the recondgh UTC

% of the prdfiles have less than 1000@llowers.
Among them the average number of followers is
654.However, if we drop only the 5 verifigatofiles
that all have morethan 100000 followers, the

=



average number ofollowers jumps to 4230. The
overall number of followers ofall nonverified
profilesis 2444387, the number of distirfcllowers

is 2159743, and the overall number of distinct
followers except those of Obama $897322. The
overallnumber of distinct followers in the whole set
is 62496330. Thus, we can infer that almost 6
million users follow either théour verified profiles
controlled from Kremlin or the variouanofficial

u 3 X \profi@§and circa 2.16 miibn follow atleast
oneprofile in the latter category.

We have calculated the pairwise intersecting
follower setsfor all users in our data séthe goal is
to investigate thdistribution of the followers among
the profilesand also findbut the reciproal follower
relationships. The entire followeéntersection table
contains 169026 rows. 82 % of theersections are
empty. It is to be expected that thdsgéersections
will be largest where both follower sets among
the largest ones. Interestingly, only
@MedvedevRussiand @KremlinRussia have 1.43
million common followers, albther pairs have less
than one million. Only 1%rofile pairs have more
than 100000 common followers, the paimsisting
of all the verified five profiles PutinRF, and
PutinrRF_Eng (cf. Table).

As is wusual in social media graphs, the
distributions arestrongly skewed. This also holds for
the intersection sizes.There are circa 60
intersections, where the intersection sizever 50
% of the smaller follower set.

Table?2: Profileswith more than 10000 followers

Screen name Followers Created Lang
BarackObama 57467473 20070305 en
Putin 42571 20080219 en
Puitn_Vivat 20366 20090914 ru
putin2012 25153 20091012 ru
iPutin 13422 20100202 en
MedvedevRussia 3638691 20100609 ru

MedvedevRussiaE 914990 20100609 en

KremlinRussia 2139735 20100623 ru
PUTIN_VLADIMIR 59264 20100820 en
KremlinRussia_E 296598 20101021 en
Putin_V_V 17753 20110315 en
EIHijoDePutin 17076 20110720 es
Prote 24517 20110823 ru
PutinRF 1152865 20111216 ru
vvp_kreml 438248 20120106 ru
putin_off_ 10306 20120322 ru
PutinRF_Eng 227715 20121107 en
DarthPutinKGB 25589 20121119 en

4 PROFILE CATEGORISATI ON

4.1 Profile and Tweets Typesn the
Putin Related Set (Spring 2015
Collection)

The analysis of Vladimir Putimelated profiles on
Twitter showedhat there are clearlgifferent kinds

of profiles They were created for variousasons
including parody, impersonation, providing news,
XVLQJ 3XWLQTVY LGHQWLW\ IRU
campaigns,commentary;and some of them were
stated as bots.

Therefore, it was deemed appropriate to cfgssi
the profile set according to its natureThe
categorization was established according to the
information onprofile bios, and the content of the
tweets. It was assumed thtite first tweet would
state the purpose of establishing tefile. Fig.1
belowshowsthe deduced categories atté number
of profilesin eachcategory.

Two verified profiles were found related to
Vladimir Putin: KremlinRussia and
KremlinRussia_E. Botlprofiles work asnewsfeed
from Kremlin informing their followers about the
deeds of Vladimir Putin; most tweets link to
http://en.kremlin.ru website.

Personal profiles are the profiles that have
13 X W Ltkefr na@e or screen name, but are not
pertained to Vladimir Putin. They may be
namesakesamong thenonetimesthatare set up to
post a tweet, or communicate without revealing the
real user identity, and usually used only once or
occasionally wherrequired; orprofiles which use
3IXWLQTV Q DHe dsewi&enktipGdie,but do
not post anything related to Vladimir Putin himself
In total 2% personaprofileswere found97 of them
werenamesakexyne was anetimeprofile, and 19

were using, Vliadimir 3SXWLQY DWeiSdylttWw R |

identity thus prohibiting mapping from digital
identity in Twitter to their real identity.

DGYHL

Adverts are therofilesthat XVH 9ODGLPLU 3XWLC

identity to attract followers, and post messages
related to theirown promotion; orprofiles that are
used to increase numberretweets or mentions of a
particular user. 9 profiles werefound to be of s
nature.

Newsfeeds, as the name implies, are the ones
formed forobjectiveof broadcastingeportsor other
information. In total 3 profiles were found,16 of
which were linked to a website programme. One
of them is @putinizer with the highed¢gres in Fig.

3. It is related to http://putin.trendolizer.com/.
Another with protected tweets is @putinism_net that



takes toan open site http://putinism_net. The latter is
run in South Americaand offers contents critical to
Putin.

Commentaryprofiles are sed to discuss or state
opinions about the current events with a
concentration on VladimiPutin or Russian politics.
25 commentaryprofileswerefound.

Fan profiles are built for expressing admiration,
respectetc. towards PutinSix fan profiles were
identified

Parody profiles are set up to humorously
counterfeit other people, characters, groups or
objects(Highfield, 2015) Highfield (2015)classifies
parodyprofile tweets into five groups and stathat
they not only post charactspecific tweets but also
mention current or newsworthy subjects, trending
topics (i.e. populahashtags), or post sponsored or
self-promotional commentsamed in the context of

There were 4 profiles that would publish tweets
againstPutin (e.g. @putinvor, @SayNoToMrPutin,

@StopPutinstop)SeveralprofileV ZLWK pVWRSY DQ

HSXWLQT LQ W Kwkre/cérehtedd i 2Qed P H
2015 that clearly are prdkrainian anccomment the
crisis fromthe Ukrainian perspective.

There were79 impersonationprofiles, and they
showed D GLIIHUHQW QDWXUH
were a mixture ofpersonal posts, and posts from
M3IXWLQTV
@ComradePutin, @Undladimir, and
@VladPutin2013 are examples of these kinds of
profiles.

Some users constructed a modified image of
Vladimir Putin reflecting on how they perceived
him. The impersonations accentuated different
personality characteristics, or public presenceb
Vladimir Putin. Theséncluded, but were not limited

the fictioQDO XQLYHUVH R sterdbiypt. F K@ b Bwankiy Wfvikardeonceited, athletic, sexy,

They may reach more than million followers (i.e.
@Lord_Voldemort7). In our data seb8 parody
profiles were found. Conspicuously, @Plaid_Putin,
@huyloputin  and @PutinsEconomy were the
profiles with a significant numberof followers,

6582, 6310 and 4458 respectively. @putinbust,

@VovochkaPutin, and @WhsMistaPutin were the
other popular profiles with 1729, 1108, and 1798
followersrespectively.

Six profiles (@putiin_vovka, @putin_ball,
@Putin_bot, @putinkremline,@Vladi_Putin_bot,
@vseh_pereigral) were classified apam/bots,
since they seemed to pa@sitomated tweets. Twaf
theseprofiles- @Putin_bot and @Vladi_Putin_bet
werestated to be bots in their profile bios.

Campaign/protesprofiles are usually built to
voice people or groups who have similar thoughts or
attitudes towards certain events. hése may be
elections or changes tgislation. There are over 50
profiles that were establisheduring 2011 and
stopped tweeting before July 201@Putin_Rus
only tweeted on Nov. 5, 2011 four tweets, but
gathered over 2000 followers.Profiles like
@PinkestPutin, @putinarainbow stand against the
gay laws in Russia arekemplify the latter category.
There is a detailed analysis (8paiser et al., 2014)

alpha dog, or gay character. Thegiced subtle
tease, or disapproval of his politics or his public
image in their messages. Yet most of them did this
in ahumorous way, in the manner of a caricature.

There were also 2 accountsstablished for
school project and to do resear@PutinStat and
@PutinARP

Profile Categorization
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Figure 1:Profile Category Distributioffor Putinrelated
profiles.

4.2 Network Analysisin the Putin
Related Set (Spring 2015 collection)

Based on the follower data we calculated the
followee relation inside our data set. That is, we

of the latest election campaigns in Russia in 2011 found out whichprofile follows anotherprofile at

and2012 and the role of Twitter in them.

least one way inside ttiata set.

% DFNFKDQQH O 1 Vpifilks fowpkitsic 7 Z L WRguwa L shows mutual dllowers graph. There

journalslike radio shows, books, where they get in
touch with theiraudience. In our data set there were
7 backchanngprofiles which were set for the books,
websites or documentariesoncerning Vladimir
Putin €.o. @MrPutinBook, @i_putin,
@RutinsKiss).

are 57nodes, and 107 edgefhe dameter of the
graph equals to 45raph consists of 15 components.
The largest one consists 1 nodes and 54 edges,
and then there are two componentsafodes, two
threenodes components, and 10wotnode
components. Component that consists of 6 nodes is

6RPH SUF

PRXWKY aboltQ ®utinQHZV



formedfrom four verifiedprofiles, belonging to the t T
Russian government: @MedvedevRussia, % \ |
@MedvedevRussiaE, @KremlinRussia, and ]
@KremlinRussia_E, then therevsrified profile of
@BarackObama, an@®Putin, that is not verified.
Figure 3 shows the degree distribution of the graph.
@putinizer has the highest degree equal to 10, i.e. it _
is mutually following 10 otheprofiles. The average — «
degree i<l,864.

There are 22profiles in the data set th&bllow
at least onether profile in the same set. The graph
induced from 582rofiles consists of 227 nodes and
829 edges. It is depicted iRigure 4 Maximal
indegree equals to 98 (belongs to
@MedvedevRussia), maximal outdegree equals to _ o
92 (belonging to@putin_vovchik). This means that Figure 4 Induced graph of the follower relationships in
98 profiles in the data set follow @MedvedevRussia thePutin relatediata set
and @putin_vovchick follows 92 otheprofiles in

the data set. 4.3 Tweet Analysisin the Putin Related
Set (Spring Collection)
i . - c\ubBT%SST?? . .
el medutn hes | We have collected user timelines (message streams)
i S / e \ * for theusers mentioned above. In total, timelines for
ALY W e T 541 userswere collected, but for the rest we could
e T | not collect tweets. Overall593411 tweets were
vochuing o S T | l collected. Of those, 127294 were retweefsan
R e [ - I earlier tweet. Some of the tweets contain
I N i coordinates,attached to them irthe pnJHRY ILHOG
R /A A ny There were 7194 such tweesent by 48 different
Smpu?nsmppuu;r;hmie;xﬂ J,-‘"‘ _outiamiadi redlpiinnews T “\\\ profiles.
'.‘ _’puﬁn‘;;wadm:m \ | putess Table 3 presents countriegxtracted from these
| — A\ e b tweets, from which the (re)tweets wesent. The
bedat;ez « / U — . P . hed . di .
VA e N countries were matched against coordinates using
Roispain /) I\ reverse geocoding.
putinftin / " putinsbitch .
dputin31 putinpals —
/ sto_con_putin Table3: Countries presented in the data set
adafihkaxtvep, ginquotes
Figure 2 Mutual followers graph
USA 2979| Nigeria 17
Russia 1983| Spain 12
550 Ukraine 1154| Germany 11
§ South Africa 304| Austria 8
i',' Philippines 140| Mexico 6
) Brazil 119| Ghana 4
1 2 3 A4pegee®6 7 8 9 France 105( Vietnam 1
_ o Canada 97| Belgium 1
Figure 3 Degree distribution of the mutual followers -
China 78| South Korea 1
Belarus 37| UK 1
Netherlands 32| Kazakhstan 1
Italy 26| Myanmar 1




Figure 5 shows these latitude/longitude points newsfeeds, officials and spam/bothe allotting of
plotted on thanap.42 profiles have tweeted all geo  the accounts among the categories were different
coded tweets from oneountry, six profiles have than Putin accountsind the most common language
posted tweets from  different countries. was Turkish with 152 profiles, followed by English
@MedvedevRussia has posted tweets fromwith 25 profiles, German with 11 profiles, Dutch
Kazakhstan, Myanmar, BelaruRussia, Vietham, with 5 profiles, Arabic with 4 profiles and French
South Korea, and China. Two users posted tweets with 2 profiles.
from 3 countries,and threeprofiles posted tweets There are 2verified profiles representing him:
from two different countries. @rterdoganar and @RT_Erdogan There were 2

newsfeeds (@rdogan_English  and @
tayiperdogan) and 3 commentary profiles
(@RecepTayipE_53, @RajabErdogan_AR,
@TayyipErdoganCB The 22 fanprofiles found in
the profile setalso included profilesthat were
created to gxress personal admiration for Erdogan
but did not form a fan communityThe 7 parody
profiles were as follows: @RecepErdogan_Ar,

Figure5: Coordinates of tweets on the map @Tvetci, @RT_ErdoganSpoof, @cbRT_Erdoganl,
@lamRT_ERDOGAN, @Para_erdogan,
@CB_ERDOGAN. 53 of the 120 impersonation
44 Profile and Tweet Typesin the profiles wee empty without any tweetd he four
Erdogan Related Set (Autumn 2015 campaign/protest profiles were established to 3
Collection) promote #dershanem@ PDVD\G O

#Hepimiz_Takipleselim and #dvltialiosman
hashtags almost all of their messages were
accompanied by these hashtags, if not they
communicatedrelated messages5 advert profiles
were publicizing websites such as
http://www.gamelnet.com/,
http://www.nobleandroyal.com/ and
http://www.habera.com/ The two spam profiles
found in the profile set were @jzischke and
@agacili @agacili profile were inceasing the
mentions of @CoolRuhikiziniz profile that is
Count already suspendedhere were 23 personplofiles
without any posts about Recep Tayyip Erdogan; and
9 adversaryrofiles.

In total there werel99 profiles related toRecep
Tayyip Erdogan the Turkish presidentErdogan
related profies were classified using the Putin
classification as a basis. However, the analysis
resulted m fewer number oprofile categoriesand
they differed in terms of some characteristkiigure

6 displays the distribution of the Erdogaalated
profiles in this categorization.

140
120
100

45 Number of Namesake Profiles for
the Entire G20 Data Set

The data showshat all G20 leaders havprofiles
created (mis)using their digital identityrable 1
displays the number of Twitter profiles usiagleast
some part ofheir digital identity. As may be seen on
Figure6: Profile Category Distribution foErdogan the table, Narendra Modi, David Cameron, and
profiles. Barack Obamdave the highest numbef profiles
) in descending ordefThe increase in Putin profiles
As may be seefrom Figure 6, no bakchannel  from 579 to 786 demonstrates the continuity of this
or projectprofiles were foud in the data setThe phenomenon. However, inse spring 2015
juxtapositionof the classes according to their profile qjiection 67 Putin accounts were closed, 42 of
frequency is as follows: impersonation, personal, fan yhich were suspended by Tvet from the first
accounts, adversary accounts, parodies, adverts, pytin profile set34 of the suspended accounts were
campaign/protest accounts, commers  personal accounts of type namesake. This points out




that Twitter is following its policy on impersonation,

we found are clearlyexually motivated. A recent

and keeps accounts that are expressing opinions on article (Reynolds, 2015)discusses straightnen

public person.

Randomly selected 10 percent of the G20
accounts (659 profiles) wergrouped taking the
Putin classification as basigl0 of these profiles

seeking men and thiermation of sexual identity in
virtual space. As concerns wider categorisation of
Twitter profiles, we foundBarash and Kelly, 2012)
that introduces several categories, based on the

were excluded from categorization as they were used halstags in the tweets. Another wo(Rrocter

found irrelevant to the subject persdrhe resulting
classificationof this hybrid set is showin Figure 7.

Count
250 229
200
150 139
100 92
48
31
50 5 16 8 I I 25 14 11 1 0 m Count
0 L W H = - | |
> SN
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Figure 7 Profile Category Distribution for Hybrid
Random Profile Set

5 RELATED WORK

$SSURDFKLQJ 7ZLWWHUTV XV D JAPAES drem wwier ¢
have inthis paper is rare. There are, however, many

papers that arerelevant in understanding the

pundreds ofPutin and ObamaS KH Q R P. KD@eR Q

of the first papers that categorised user§l@ava et
al.,, 2007) The authorsidentified three majr
profile/user categoriesinformation source,friends
andinformationseeker. Certainly, the motllowed
nontverified profiles like @PutinRF are information
sources for the followers. Thogeofiles that follow
each other (see Fig 3.) could be undersdoas
K1) UL H Q Go¥viious Watlin/case of PutiRrdogan
or Obamathere are also political reasons for
establishing profiles. A thorough analysis
concerning the usef Twitter in recent Russian
politics is (Spaiser et al., 2014although it doesot
contain directly the anAVLV R
In (Bruns and Highfield, 2013he authorgliscuss
the use or Twitter in politicadampaigns in Australia
and in(Peterson, 201Aeterson discusses the wude
Twitter in US political campaigns. Anotheategory
we found are parodyprofiles. In a recent paper
(Highfield, 2015) Highfield discussesthe parody
profiles in Twitter. This analysis isrelevant
especially for thoseprofiles that are tagged as
parody, but also for otherofiles that contain jokes
aroundand abat the leadersA part of theprofiles

W totdfile’d K W

et al., 2013)categorisegrofiles in the context of
riots in UK. The authoraused circa 10 different
profile categories, like riot profiles, bloggers,
journalists, activists, policprofiles, politicians, etc.
They also categorise policerofiles into many
subcategoriebased on whether they are run by a
local police or higher tiersf thepolice forces.

6 CONCLUSIONS

We have analyzed in this paper Twit@ofiles that
carry in their screen name or profile nanseme
parts of the digital identity of a G20 lead@he first
collection was performed igpring 2015, where we
only collected data related to Vladimir Putin. In
Nov. - Dec. 2015 we collected another data set,
where in addition to Putin we collected profiles
related to other G20 leadersWe foundover 6000
Iﬁ?t‘] Glll_?hf The later

collection shows that a |mp0rtant leaders get
Twitter accounts that (mis)use their digital identities.

In the spring 2015 collection we includedo
U/erified profiles of the Russian president
@KremlinRussia and @KremlinRussia_EWe
added the two vdied profiles of Prime Minister
Medvedev and that of president Obama to see who
follows whom. Thus, we had 5 verifiegrofiles in
the data set an877 nonverified. We categorized
the profiles according tahe information on profile
bios, and the conterdf the tweetsprofile names
and profile pictures. The resulting classification
contained categories official, newsfeed,
commentary, fanprofile, parody, impersonation,
campaign/protest, advert, spam/bot, personal,

kchannel, adversapyofile and projet/research

ost profiles fell into the category personabr

impersonation

Looking at the impact of the mamyofiles based
on thefollower numbers it is clear that it is rather
small in the spring 2015 collection.The average
number of followersvas654 among those that have
less than10000 followers. There are only 13 ron
verified profiles inthatdata set that have more than
10000 followers. Based dhe content of the tweets
one can argue that most of thosept8files have a
neutral or positive entiment towardspresident



Putin. The two verified Russiaprofiles controlled with the tweets or their content. The languages used
by Kremlin have together 5.76 millidollowers, out on theprofiles were mostly Russian or Englighthe
of which 1.43 million are common. Thus, the spring2015 data geIn theautumn2015 data set it
number of distinctfollowers of Kremlincontrolled varied more, because we had also Sd#udbia,
Russian Twitter profiles is over 4 million. The Japan and Korea included into the data set.
corresponding verified Engligbrofiles have0.9 and The study was useful in terms of improving the
0.3 million followers, out of whicld.17 million are understanding of social media culture, and usage of
common. Thus circa 1 million users follothe public identities on online sdal networks. In the
English verified profiles controlled by Kremlin.  future wewill delve deeper into th@utumn2015
Altogether there are 4.84 millionistinct users who  data and will also analyse the follower set relations
follow one or more of the four verified, Kremin  for the famous persons.
controlled Twitter profiles. Thus, compared to the
otherprofiles in the data sethese foumprofiles have
the strongest influence, if wmeasure this by the  ACKNOWLEDGEMENTS
number of followers in our datset.
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