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Modelling the evolution of cognitive styles
Jannis Liedtke* and Lutz Fromhage

Abstract

Background: Individuals consistently differ in behaviour, exhibiting so-called personalities. In many species,
individuals differ also in their cognitive abilities. When personalities and cognitive abilities occur in distinct
combinations, they can be described as ‘cognitive styles’. Both empirical and theoretical investigations produced
contradicting or mixed results regarding the complex interplay between cognitive styles and environmental
conditions.

Results: Here we use individual-based simulations to show that, under just slightly different environmental
conditions, different cognitive styles exist and under a variety of conditions, can also co-exist. Co-existences are
based on individual specialization on different resources, or, more generally speaking, on individuals adopting
different niches or microhabitats.

Conclusions: The results presented here suggest that in many species, individuals of the same population may
adopt different cognitive styles. Thereby the present study may help to explain the variety of styles described in
previous studies and why different, sometimes contradicting, results have been found under similar conditions.

Keywords: Coping style, Behaviour syndromes, Learning, Cognition, Exploration, Animal intelligence

Background
Joining studies of individual differences in cognition and
of animal personalities leads to the field of “cognitive
styles”. The concept of cognitive styles describes how indi-
viduals consistently differ in how they use their cognitive
capacities in combination with consistent inter-individual
differences in behaviours such as exploration, boldness or
aggressiveness (reviewed in [1–5]). Empirical data support
the existence of different cognitive styles in nature (e.g.
[6–8]). Furthermore, the existence of animal personality
in virtually all species tested (e.g. [9–11]), combined with
the fast-growing body of evidence of individual differences
in cognitive abilities within species (reviewed in [5]) let it
seem likely that different cognitive styles can be found in a
vast variety of species and that this constitutes an import-
ant ecological and evolutionary aspect.
Interestingly, empirical studies often show opposing

findings [reviewed in 8] and based on these and theoret-
ical considerations different and contradicting predictions
about cognitive styles have been formulated (see e.g. [1–
3]). Probably the most influential of these, the proactive-
reactive framework, states that „proactive “individuals

tend to be bold and explorative, forming behavioural rou-
tines quickly, but having trouble to incorporate new infor-
mation about the environment [2]. The latter may limit
the performance of this behavioural type in many cogni-
tive tasks. On the opposite end of this continuum are the
so-called „reactive “individuals, which tend to be shy and
less explorative but more sensitive towards environmental
cues and opportunities in their surroundings. It has been
hypothesized that these individuals should be better at
dealing with some cognitive challenges, especially when
the tasks require to reverse previously formed associations
[2]. And indeed, experimental studies have found support-
ing evidence for these behaviour/cognitive types in some
species [reviewed in e.g. 2, 8]. However, other studies
found different combinations of behavioural and cognitive
characteristics, contradicting the proposed behavioural
and cognitive types of the „proactive-reactive “framework.
For example, in some fish [12], bird [13, 14], and mammal
[15] species, bolder or more explorative individuals were
generally better at cognitive tasks than shyer individuals.
Yet other studies could find only mixed, weak, or even no
correlation between cognitive performance and explor-
ation or activity level (e.g. [16–18]).
At a first glance, the variation in superficially opposing

findings and predictions may come as a surprise. However,
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nature is complex and often these opposing finding derive
from different study systems with different ecological con-
text. Therefore, while some differences in these results may
be explained by methodological design (compare [19]),
many of the demonstrated differences in previous studies
may be ecologically meaningful and reflect differences in
the evolution and development of cognitive styles. It has
been shown that the expression of traits underlying cogni-
tive styles can crucially depend on environmental condi-
tions (personality traits (e.g. [20–22]); cognition (e.g. [23–
25]); brain morphology (e.g. [26–28]).
In particular, predation pressure is regarded as a major

environmental factor which may strongly influence the
development of consistent inter-individual differences in
behaviour (e.g. [29–31], but see [32]). Based on the
above-stated findings and considerations, it seems that
many different cognitive styles can emerge depending on
the precise ecological circumstances in which individuals
live. To complement this view, the primary aim of this
study is to investigate if different cognitive styles can
also emerge under similar environmental conditions and
whether they may coexist in the same environment.
Furthermore, similar to the above-mentioned contrast-

ing predictions about which cognitive styles should exist,
opposing suggestions have been formulated as to whether
behavioural traits influence the evolution or development
of cognitive abilities or vice versa. On the one hand, be-
haviour may shape the development of cognitive abilities
[2]. On the other hand, it has been suggested that cogni-
tion may in turn influence personality (responsiveness in
particular) [2, 3]. Both possibilities seem plausible both at
ontological and evolutionary timescales and may feed back
on each other.
Using individual-based simulations, we want to investi-

gate i) whether different cognitive styles can evolve under
different environmental conditions, thereby helping to ex-
plain apparently contradicting evidence from experimental
and theoretical studies, ii) whether even within the same
environment, different cognitive styles can coexist, which
may help to explain the existence of large differences in
cognitive abilities within a species, and iii) whether behav-
ioural and cognitive traits can influence each other’s evolu-
tion. While in nature a huge variety of factors will influence
these issues, we concentrate here on two traits of individ-
uals (namely, exploration tendency and learning ability)
and two features of the environment (namely, complexity
in terms of different resource types, and predation pres-
sure). Taking these four variables, we investigate the effect
of environmental conditions on the evolution of learning
skills and exploration tendency in individuals of the same
population. While the presented simulations are based on
genetic adaptations, the general conclusions should also
hold for developmentally plastic systems, which should
likewise produce phenotypes that are adapted to local

conditions. Our results can help explain apparently contra-
dicting findings of previous studies and outline complex in-
teractions between individual traits and environmental
conditions in regard to the evolution of cognitive styles.

Methods
The models presented here are an extension of a model
used in previous work [33]. We implemented populations
of NIndividuals individuals in which three traits can evolve
independently: learning ability L, exploration tendency E,
and selectiveness S. Both L and E are continuous traits
and can take values between 0 and 1. S is binary and can
be either 0 or 1. Simulations are run for NGenerations

discrete generations (= seasons). At the end of each sea-
son, we let individuals reproduce asexually in relation to
their fitness. Fitness is determined by the amount and
value of resources an individual collected throughout its
lifetime. Each season has T days, which sets the maximum
lifespan of individuals. Each day consists of NSteps steps
through which each individual proceeds. In the beginning
of each day, the order of individuals is randomized to en-
sure equal chances.

Environment
The environment consists of a number of NSites sites,
each of which can either contain one of two types of
resources (R1 or R2) or can be empty. Resources are
randomly distributed at the beginning of the season,
such that PRi is the proportion of sites filled with
resource type Ri. Resources are defined by their value
VRi, their handling-time HRi, and their detectability DRi,
i.e. how difficult they are to find.

Predation
Predation is implemented by introducing three different
predator types (P1, P2, and P3), which are defined by
their baseline probability of being encountered (Pp) and
their lethality λP, i.e. how likely an individual will die
when encountering this predator type. Whenever an in-
dividual moves in order to explore its environment, it is
vulnerable to predation. We calculate the probability of
a predator attack from a binomial distribution as:

Pattack ¼ 1− 1−PP1ð Þ� 1−PP2ð Þ� 1−PP3ð Þ� 1−Ekð Þ�0:1½ �
ð1Þ

Here, Ek is the focal individual’s exploration tendency.
Thus, the more explorative an individual is, i.e. the more
it moves around, the more likely a predator attack be-
comes. When an attack happens, the type of predator is
sampled according to the relative probabilities of the
predator types (PP1, PP2, PP3). The individual under at-
tack survives with probability:
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Psurvival ¼ 1−λP ð2Þ

Actions
During each time step, an individual can perform one of
the following actions: rest (and hide), explore (searching
for resources), handle resources, or escape a predator. In
the beginning of each day, or in any time step after an
action has been completed, it is determined whether an
individual will move in the current time step. If the indi-
viduals’ cumulative exploration tendency (C) is above a
randomly drawn threshold (between 0 and 1) it will
move; otherwise it will rest. Cumulative exploration ten-
dency means that each time an individual rests its C will
increase by the value of Ek. For example, if the focal indi-
vidual has an E = 0.3 and has rested for the previous two
time steps, its C in the current time step becomes = 0.9.
Thus, it will move with 90% probability. Consequently,
individuals with E > = 0.5 never rest more than once in a
row. E is genetically encoded by a single locus, whose
initial allelic values are randomly sampled from a uni-
form distribution between 0 and 1.
If an individual moves it will visit a randomly chosen

site. Here it may encounter a predator with the probabil-
ity given in Eq.1 and survive its attack with the probabil-
ity given in Eq. 2. If it survives, it has the possibility to
learn anti-predation behaviour (see below) after which
the time step is over. If it dies, the individual will not
participate in any further actions. If a moving individual
is not attacked, it can explore the randomly chosen site
and search for resources. If it enters a site containing a
resource, it finds the resource with probability

PF ¼ 1−Ek� 1−DRið Þ ð3Þ
Individuals can then start handling the resource and,

depending on the handling time of this resource type,
obtain its value. If the handling time is larger than 1, the
individual can continue to reduce the initial handling
time by 1 unit in each following time step, until the re-
sidual handling time reaches 0 and the resource value is
gained. When only one time step is left in the current
day, the individual needs to stop handling the resource
and return to its hiding place without obtaining the re-
ward. When a resource was successfully exploited, the
site it was found in was emptied and not refilled. Thus,
any exploitation of a resource reduces the likelihood of
finding a resource in subsequent exploration attempts
for all individuals until the end of the season.

Learning
We implement resource-learning as a reduction of hand-
ling time due to having experience with a given resource
type. Each time an individual ends handling a resource
type with larger handling times than a given minimum

(Hmin = 3 in all presented cases), the handling time for
this individual and this resource type is updated as:

hi ¼ max 3; hi−L�t=h i;Initialð Þ
� � ð4Þ

Here, L is the focal individual’s learning speed; t is the
number of time steps spent handling the resource item;
hi,Initial is the initial handling time for resource type Ri at
the beginning of the current encounter; and t/h(i,Initial) is
the proportion of the learning episode that was com-
pleted. The maximization function max[.] ensures that
handling times cannot drop below 3 (i.e. Hmin). L is
genetically encoded by a single locus, whose initial allelic
values are randomly sampled from a uniform distribu-
tion between 0 and 1.
Similarly to resource learning, lethality of a predator

type can be reduced through learning each time an indi-
vidual survives an attack. After an unsuccessful attack by
a specific predator, the current lethality of this predator
type is updated for the focal individual as:

λP ¼ λP−λP�L�β ð5Þ

Here, L is the focal individual’s learning speed; λP is
the current lethality for this predator type, which is iden-
tical for all individuals at the beginning of the season
(i.e. before any learning took place) and ß is a parameter
defining the general speed of predation-learning. The le-
thality of predators could not be reduced lower than 1/
10 of their original value (at the beginning of the season
before any learning took place). Thus, predators always
have a minimum lethality no matter how often an indi-
vidual has survived an attack of that predator type.

Selectiveness
We implemented individuals as being either selective or
non-selective foragers. Selective individuals handle only
resources whose handling time they can complete by the
end of the day. Resources with longer handling times
were rejected immediately and individuals can move to a
new site in the next time step. Non-selective individuals
handle any resources they find. This can lead to hand-
ling being interrupted prematurely at the end of the day,
yielding no immediate reward. Yet, such incomplete
handling of resources still provides an opportunity for
learning. Therefore, non-selective individuals can eventu-
ally learn to collect resources whose initial handling
times exceed a day’s length. Selectiveness is genetically
implemented by one locus with two alleles, determining
individuals to be either selective (S = 1) or non-selective
(S = 0). The initial allelic values are randomly sampled
with equal probability.
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Reproduction
We assumed an ‘income breeder’ system where all indi-
viduals, independently of their survival until the end of
the season, produced offspring in relation to the total
amount of the value of collected resources throughout
their lifetime. Reproductive success is calculated as:

F ¼ VTotal� 1−α�Lð Þ ð6Þ

where VTotal is the total value of collected resources, L is
the individual’s learning speed, and α is a cost coefficient
that specifies the cost of learning. No costs of exploration
(E) are explicitly included in this calculation, as they are
implicit in the risk of overlooking resources and attracting
predators. The next generation is recruited by randomly
sampling offspring from the present generation, using F as
the independent sampling probabilities.

Mutation
All three traits, L, E, and S were independently subject
to mutation. Mutation probability is set to q = 0.1 for
each trait. For the continuous traits L and E, new trait
values were chosen randomly from a normal distribu-
tion, with a mean of the parental trait value and a SD of
0.1. For the binary trait S, a mutation event would
change the value from one state to the other (i.e. from 1
to 0 and vice versa).

In order to investigate whether behaviour influences
the evolution of cognitive abilities or vice versa we ran
an additional set of simulations where, for the first 100
generations, either the trait L or E was set to an arbitrary
chosen and fixed value for all individuals. Only after
these 100 generations, we allowed mutations for the
constrained trait as well. In this way we could observe
how much the other trait would alter its value after the
constrained trait was allowed to change. We ran simula-
tions with either high and low starting values for the ini-
tially constrained trait. As before, mutation probability
was set to q = 0.1 for the unconstrained trait and for the
constrained trait after 100 generations. New trait values
were chosen randomly from a normal distribution, with
a mean of the parental trait value and a heightened SD
of 0.3 to increase the speed of adaptation.

Results
We heuristically explored the parameter space for condi-
tions where we could find the existence of different cog-
nitive styles with changing (for simplicity) as few
parameters as possible. For the main findings we there-
fore changed the value of only three parameters unless
stated otherwise. We found circumstances under which
different combinations of the two individual traits L and
E predominated in the population (see Fig. 1). We also
found various cases of two different cognitive styles
coexisting within the same population (see Fig. 2). The

Fig. 1 Different cognitive styles are adaptive under slightly different conditions. Each panel shows the result of one simulation as an example
from 10 replicate runs. All replicates produced qualitatively similar results. Each simulation was run with N = 1000, G = 500 and without predation.
The only differences in parameter setting between panels were in resource detectability (DRi) and season length (T). Only in case of b), an
increase in resource abundance of R2 was needed to ensure that an alternative strategy did not coexist with the shown cognitive style. Settings:
a) DR1 = 0.9 and DR2 = 0.9; T = 15; B) DR1 = 0.9 and DR2 = 0.9; T = 60; c) DR1 = 0.0 and DR2 = 0.9; T = 10; d) DR1 = 0.0 and DR2 = 0.0; T = 120
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values of only two parameters needed to be changed in
order to find these results. One is the detectability (DRi),
which was either low (0) or high (0.9) for either resource
type (R1 or R2). The other parameter was the length of
season (T; i.e. maximal lifespan of individuals). Only in
order to get a pure high E high L cognitive style (Fig. 1
b) we needed to increase the abundance of the high
value resource so that an alternative style, which
exploited low value resources, was not adaptive even for
a small portion of the population. Predation pressure
(i.e. how likely an attack occurred and how lethal this at-
tack was) was not needed to obtain these results. Never-
theless, this factor had a strong influence (see below).
As expected, we found no investment into learning

(low L) whenever there was nothing to learn, i.e. hand-
ling time of resources were low and predators were ab-
sent. Additionally, this could occur whenever individuals
could not learn fast enough because the season length
(lifespan) was too short or predation pressure was so
high that individuals were killed before they could learn
sufficiently. Thus, in this way, predation could prevent
the existence of ‘fast learning’ styles (see Fig. 3a). On the
other hand, predation pressure could also lead to the
evolution of high L in an otherwise „non-learning” envir-
onment (i.e. in an environment with only resources with
low handling times or when exploiting resources with
high handling times was not worth learning for). If pre-
dation pressure was not too severe, individuals could
benefit from investing into learning abilities in order to

reduce predation pressure and increase their expected
lifespan, thereby increasing the overall income of re-
sources (see Fig. 3b). Furthermore, predation could also
hinder the existence of high exploration tendencies (high
E) because the faster one explores, the more likely pred-
ators were attracted (see Additional file 1: Figure S1).
Exploration tendency also depends strongly on how

easily resources were detected. When resources are con-
spicuous, individuals can find them even when exploring
fast; hence high E becomes adaptive. However, whenever
resources are hard to find (i.e. DRi is low) low E can yield
higher payoffs as it ensures that resources are not over-
looked. Note that, since individuals need to explore in
order to find something at all, minimum E (> 0) are to
be expected. In our simulations without predation, the
optimal exploration tendency was around ~ 0.4. Due to
the cumulating exploration tendency (C) this value of E
ensures that individuals will most likely explore at least
every second time step, while keeping the risk of over-
looking resources moderately low. However, high ex-
ploration may be needed when life is very short, so that
to ensure finding any resources at all, individuals need
to explore each time step – regardless of the risk of pre-
dation and of overlooking resources.
We found coexistence of cognitive styles when individ-

uals specialize in exploiting one of the two resource types
(Fig. 2). In the results presented here, R1 was always a low-
valued resource (VR1 = 1) which did not necessitate any
learning, while R2 always had a high handling time (HR2 =

Fig. 2 Co-existence of different cognitive styles within the same environment. Each panel shows the result of one simulation as an example from
10 replicate runs. All replicates produced qualitatively similar results. Each simulation was run with N = 1000, G = 500 and without predation. The
only differences in parameter setting between panels were in resource detectability (DRi) and season length (T). Settings: a) DR1 = 0.9 and DR2 =
0.0; T = 60; b) DR1 = 0.0 and DR2 = 0.9; T = 90; c) DR1 = 0.9 and DR2 = 0.9; T = 20; d) DR1 = 0.0 and DR2 = 0.0; T = 45
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15), which could be reduced through learning and was
higher-valued (VR2 = 15). Coexistence under these condi-
tions can occur, for example, when the high-valued re-
source (R2) has a long handling time that necessitates
learning, while being relatively rare. Some individuals may
then invest into high L, whereas others will instead explore
fast and exploit less-valued but more abundant resources
(R1). Due to negative frequency-dependence this pattern
can also occur the other way around when we tweak the
parameters a little, so as to make the more valuable R2 re-
source relatively easier to find. Most individuals then invest
in high L and exploit the more valuable and now easier-to-
find R2 resources. Some individuals, however, will avoid
competition and specialize on less-valued R1 resources
even if they are hard to find. But since most other conspe-
cifics will not exploit them (as they mostly overlook them
while quickly exploring for easy-to-find R2) the less com-
mon ‘slow explorer’ can find relatively many R1 and
thereby gain a similar payoff as fast-exploring and fast-
learning individuals searching for R2 (Fig. 2).
Qualitatively similar results can also be obtained with

other ratios between the values of low- versus high-valued
resources, provided the parameters “lifespan” or “events
per day” are adjusted accordingly. The general principle is
that there must be enough time for the type specializing
on the more valuable (but harder to learn) resource to re-
coup its initial investment in learning. This recouping may
take place either through a few highly profitable events, or
through a large number of much less profitable events.
Predation influenced co-existence of two cognitive styles

as well. Within a wide range of parameter space, predation
can hinder the co-existence, by making fast exploration less

beneficial (Additional file 1: Figure S2a-b). Moreover, pre-
dation can also make slow learning less beneficial (Add-
itional file 1: Figure S2 c), as slow learners are not able to
learn sufficiently to reduce lethality of predators. Or, under
conditions where even fast learning will not reduce preda-
tion sufficiently, fast learning styles are prevented (Add-
itional file 1: Figure S2 d). Yet, within a narrow parameter
space, predation can also induce co-existence (Additional
file 1: Figure S3) by reducing the payoffs of a fast learning
style, making a slow learning strategy competitive. (Al-
though in one out of ten simulation runs, the co-existence
of two styles collapsed due to the extinction of the fast
learning strategy. This was likely caused by a combination
of stochastic events and high predation pressure.)
Coexistence can also occur when individuals of both

cognitive styles show the same exploration tendency (E)
(Fig. 2c and d). This can occur when both types of re-
sources (R1 and R2) are easy to find and thus select for
fast exploring (Fig. 2c). Some individuals may then
specialize on more abundant R1, with low handling
times but lower value. Other individuals invest in higher
L and exploit R2, which need to be higher-valued. Thus,
a fast-exploring and slow-learning cognitive style can
occur alongside a fast-exploring and fast-learning style
within the same environment. Similarly, when both
resource types are hard to find, two cognitive styles with
low E can coexist if some individuals specialize on low-
valued but easy-to-exploit resources (R1) and others on
high-valued but hard-to-exploit resources (R2) (Fig. 2d).
These coexistences, which arise due to negative-
frequency dependence, can be found in a moderately
wide range of parameters space.

Fig. 3 Effects of predation. a) Predation can prevent emergence of fast-learning cognitive styles. Under conditions without predation, trait L
evolved to be high in order to exploit resource R2. With predation, L evolved to be low, because individuals could not learn to handle resource
R2 anymore due to the decreased lifespans caused by predation. Besides predation pressure, the enviroments are identical (DR1 = 0.0 and DR2 =
0.0; T = 90). Boxplots are based on 10 replicate simulations with N = 1000 and G = 500. B) Predation pressure could also lead to the evolution of
elevated L. Please note that we set the handling time for resource R2 very high (HR2 = 500), so that it could not be reduced within the lifetime of
individuals. Thus, in this example, increased L was solely beneficial in regard to antipredation behaviour. Therefore, in this example, high L was
induced by predation pressure. Boxplots are based on 10 replicates simulations with N = 1000 and G = 500
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We also expected to find the coexistence of different
cognitive styles with the same learning strategy (L). How-
ever, we could not find any parameter space in which ei-
ther low learning could exist in combination with both
high and low exploration, or in which fast learning strat-
egy could exist in combination with both high and low ex-
ploration. Even though in our present model we could not
find evidence for this, that does not mean that these styles
could not coexist in any model or environment.
Finally, in the simulations where either of the traits was

allowed to evolve only after an initial period of being fixed,
we observed that the respective other trait changed its value
in response to changes of the initially fixed trait. This dem-
onstrates how behavioural traits may influence the evolu-
tion of cognitive abilities (Additional file 1: Figure S4 a and
b) and vice versa (Additional file 1: Figure S4 c and d).

Discussion
We found that combinations of the environmental factors
„resource composition “and „predation “can select for a
variety of cognitive styles. Depending on the value of these
factors, our results are in line with the overall predictions
of the proactive-reactive framework [2]: under certain cir-
cumstances, proactive (reactive) individuals invest less
(more) in learning abilities. However, under just slightly
different environmental conditions, the patterns are re-
versed, thereby being consistent with findings which op-
pose the predictions of the proactive-reactive framework.
Showing how sensitive the occurrence of cognitive styles
toward environmental circumstances can be in theory
provides context for interpreting the vast variation that
has been empirically observed. This responsiveness is con-
sistent with Niemelä and Dingemanse’s [34] view that
non-linear relationships such as thresholds and interac-
tions are common in animal personalities.
How can we explain the specific patterns observed in

our simulations? For example, in dangerous environments,
in which resources are easy to exploit and thus do not ne-
cessitate any learning, individuals can gain the highest fit-
ness by adopting a risky strategy. Individuals which accept
a higher predation risk can explore more and thereby col-
lect more resource items if they manage to survive long
enough. This style, which represents a more proactive be-
haviour type, comes to predominate in the population be-
cause shy (reactive) types collect few resources despite
suffering less predation. However, if circumstances allow
for effective anti-predation learning, increased learning
skills combined with high exploration tendencies become
the most adaptive cognitive style. Such a fast learning and
highly active cognitive style is opposed to what is com-
monly expected by the proactive-reaction framework, but
has been found in several species (e.g. [13, 15, 35]).
When resources are present for which an investment

in higher learning abilities is needed in order to exploit

them, a different set of cognitive styles can be found.
Under these circumstances, fast learning strategies be-
come adaptive if lifespans are long enough to allow for
handling the resources through learning. Whether indi-
viduals show high or low exploration tendencies depends
both on how easily resources are found and on how se-
vere predation pressure is.
Furthermore, we found under a large range of environ-

mental conditions that different cognitive styles can co-
exist within the same population. Due to specializing on a
resource type and its interplay with optimal search pattern
(exploration tendency), fast and slow styles can co-exist.
Frequency-dependence of these styles may stabilize their
co-existence as suggested by Boogert and colleagues [5],
compare also [36]. For example, in one population some in-
dividuals can specialize on easy-to-find and easy-to-handle
resources and thus exhibit a slow learning / fast exploration
style, whereas other individuals can exploit resources which
are hard to find and require learning abilities, thus exhibit-
ing a fast learning / slow exploration style. Almost all other
possible combinations of these two individual traits can co-
exist under specific environmental circumstances in our
simulations. These results can therefore help to explain
why different studies find such a large variety of behaviour
and cognitive styles in nature, even within the same study
system and under similar environmental conditions. Fur-
thermore, it is conceivable that in two studies either some
uncontrolled variables of the environment can cause
slightly different circumstances (e.g. small differences in
predation pressure or in resource composition between two
populations). Or, depending on the sampling regime, one
of two or more co-existing cognitive styles may be captured
more frequently in one study than another. When behav-
ioural and cognitive tasks are conducted with these non-
random subsets of individuals it will likely lead to different
population-averages in performance.
In line with what has been suggested for individual

specialisation in general [37], the co-existence of differ-
ent cognitive styles may stabilize populations as micro-
habitats can more efficiently be occupied and within-
species competition can be reduced as individuals with
different styles, at least partly, exploit different resources
(compare [38]). Inter-individual differences can also fa-
cilitate speciation (e.g. [39, 40]), underlining its import-
ance for ecology and evolution in general.
In our simulations, predation strongly influences the

existence of cognitive styles, as has previously been shown
for behavioural syndromes (reviewed in [30]). Predation
can cause the evolution of alternative styles in an otherwise
similar environment. In general, predation reduces explor-
ation tendency. But under some circumstances, this effect
is not found (see also [31, 41]). For example, lifespan can be
so short that individuals need to have a high exploration
tendency and face the risk of predation, because otherwise
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they may not collect any resources at all. Or, if learn-
ing of predator avoidance is efficient enough to ren-
der the predation risk negligible, high exploration
becomes more adaptive.
Furthermore, predation can also break down the co-

existence by making only one strategy adaptive under
given circumstances. However, predation can also cause
the co-existence of cognitive styles e.g. by reducing life-
spans to such an extent that investment in learning be-
comes less profitable, thus rendering slow-learning
strategies competitive. These effects were found in a lim-
ited parameter space only, which, however, is in line
with findings of predators’ effects on co-existence of in-
terspecific competitors (reviewed in [42]).
In line with the suggestion of Sih and Del Giudice [2]

we found that the influence of behaviour and cognitive
traits on each other can go in both directions. The effect
which these (sets of) traits have on each other’s evolu-
tion can be positive or negative (see Additional file 1:
Figure S4). For example, increased exploration results in
increased encounters with specific resources which al-
lows for effective learning and thus drives the evolution
of fast learning (not shown). On the other hand, in-
creased exploration may also constrain learning because
increased exploration reduces lifespan under severe pre-
dation pressure and thereby reduces opportunities to
learn (compare Additional file 1: Figure S2 B).
It would be interesting to investigate how social learning

may influence this pattern. For example, in group-living
species, shy individuals may learn anti-predator behaviour
by observing bolder or more explorative individuals cop-
ing with predator encounters. Thereby, slow explorer or
shyer individuals could possibly reduce predation pressure
without increasing their own predation risk by doing so.
This could create an interesting interplay of the evolution
of bold individual learners and shy social learners.
Of course, our simulations are based on many simplifi-

cations, which limits their transferability to natural sys-
tems. However, these simplifications allow to identify
some general principles. We assumed that the trait „L” al-
lows for learning in two different situations: anti-predator
behaviour and handling resources. One might argue that
this is an unjustified simplification as these situations rep-
resent cognitive problems from two different domains. In-
deed, this could be a valid point. However, we intuitively
expect that even with two independently evolving learning
traits our main findings would remain qualitatively similar,
i.e. that different environmental conditions can select for
all combinations of exploration- and learning-styles and
that these styles could in principle co-exist in the same
population. Yet, certainly the parameter space under
which similar strategies would be found will shift to some
degree. And of course, with more evolving traits, we
would likely find more cognitive styles e.g. some fast

explorers which are good at anti-predator learning but
slow at reducing resource handling times and vice versa.
Anyways, the assumption that learning abilities such as

associative learning can be domain-general or at least
underlie the performance in different cognitive tasks may
not be an unjustified simplification after all. In fact, studies
have shown that, at least in some taxa, animals show
„general intelligence“, meaning that species, or individ-
uals, which score high in one cognitive task also score
high in tasks of other cognitive domains (reviewed e.g.
in [43]). It is conceivable that mechanisms such as sim-
ple associative abilities may allow to learn in different
situations and that our simulation may be realistic in
this regard.
We also want to point out that, although the models pre-

sented here are based on genetic adaptation, we would ex-
pect similar outcomes if adaptive phenotypes, in our case
specialized cognitive styles, would develop via developmen-
tal plasticity. Whether plastic responses are to be expected
depends mostly on the timescale on which local conditions
change. When environmental conditions change intermedi-
ately fast, plastic development are favoured, while under
very fast or very slow changing conditions, fixed develop-
ment (adjusted by genetic adaptation) dominates (e.g. [44]).
Anyhow, both fixed and plastic development should usually
lead to phenotypes that are adapted to local conditions. We
therefore expect, as mentioned in the introduction, that the
general conclusions of the present study can be transferred
to systems in which differences in cognitive styles are gen-
erated by plasticity.
In this study, we regard the interplay of five aspects:

exploration, learning, environmental complexity (imple-
mented as “resource composition”), predation pressure,
and maximum lifespan. We chose these aspects because
they are often investigated and discussed in regard to
animal personality, coping or cognitive style. However,
of course, many other aspects of the environment and
the species living in it are likely to influence the evolu-
tion of cognitive styles. For example, instead of handling
resources, other environmental aspects may need to be
learned, such as navigation through space [45], or nest-
building [46]. Also, when interacting with conspecifics,
cognitive styles may strongly be influenced by social
learning skills. If learning is involved in interactions with
other intelligent agents such as conspecifics or predators,
interesting dynamics may occur in the evolution of cog-
nitive styles. This may be a worthy field of further inves-
tigations which may help to understand the evolution of
animal intelligence in general.
As a final remark we want to point out that there has

been much work done, both theoretical and experimen-
tal, on the co-existence of competing species and some
general conclusions may be transferable to a within-
species context. Thereby, the scientific younger field of
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individual differences (i.e. behavioural types, coping
styles, animal personality or cognitive styles) may benefit
from decade-long research of interactions between spe-
cies. On the other hand, no such generalisations may be
possible when within-species processes such as sexual
selection or kin competition are involved.

Conclusions
The simulations show that different environmental con-
ditions can select for different cognitive styles. Under a
wide range of parameter settings, individuals of the same
population may adopt different cognitive styles that co-
exist in an often frequency-dependent manner. Showing
how different cognitive styles may lead to similar fitness
even within the same environment can help to explain
the variety of styles described in previous studies and
why different, sometimes contradicting, results have
been found. We were also able to show how behaviour
traits may influence the evolution of cognitive traits and
vice versa, illustrating the coevolutionary dynamics lead-
ing to cognitive styles.

Additional file

Additional file 1: Figure S1. Predation prevents the emergence of fast
exploration strategy. Figure S2. Predation hinders co-existence. Figure
S3. Predation can also induce co-existence. Figure S4. Influence of be-
havioural traits on cognitive traits and vice versa.

Abbreviations
C: Cumulative exploration tendency; DRi: Detectability = how difficult resource
i is to find; E: Exploration tendency; F: Reproductive success; HRi : Time to
handle resource type i; L: Learning ability = learning speed;
NGenerations: Number of generations; NIndividuals: Population size; NSites: Number
of sites in the environment; NSteps: Number of time steps per day; Pp: Baseline
probability of encountering predators; PRi: Proportion of sites filled with
resource Ri.; q: Mutation probability; Ri : Names for resource i; S: Selectiveness;
ß: Parameter defining the general speed of predation-learning; T: Number of
days = season length = lifespan; VRi: Value of resource i; VTotal: Total value of
resources collected by an individual; α: Cost coefficient that specifies the cost
of learning; λP: Lethality of predators = likelihood of dying when
encountering a predator

Acknowledgements
We thank M. Bruneaux for his help with coding.

Authors’ contributions
JL initiated the project and did the simulations. Both authors, LF and JL,
contributed equally to discussion of ideas and writing, have read and
approved the manuscript.

Funding
J.L. received funding by the Deutsche Forschungsgemeinschaft (DFG,
German Research Foundation) – Project: 394327820. L. F. received funding
from the Academy of Finland (grant 283486). The funding bodies played no
role in the design of the study and collection, analysis, and interpretation of
data and in writing the manuscript.

Availability of data and materials
Code of simulation and data is available in Dryad (https://doi.org/10.5061/
dryad.zw3r2284m).

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
Both authors declare no competing interests.

Received: 1 August 2019 Accepted: 16 December 2019

References
1. Carere C, Locurto C. Interaction between animal personality and animal

cognition. Current Zoology. 2011;57:491–8.
2. Sih A, Del Giudice M. Linking behavioural syndromes and cognition: a

behavioural ecology perspective. Philos Trans R Soc B: Biol Sci. 2012;367:
2762–72.

3. Niemelä PT, Vainikka A, Forsman JT, Loukola OJ, Kortet R. How does
variation in the environment and individual cognition explain the existence
of consistent behavioral differences? Ecol Evol. 2013;3:457–64.

4. Griffin AS, Guillette LM, Healy SD. Cognition and personality: an analysis of
an emerging field. Trends Ecol Evol (Amst). 2015;30:207–14.

5. Boogert NJ, Madden JR, Morand-Ferron J, Thornton A. Measuring and
understanding individual differences in cognition. Philos Trans R Soc Lond
Ser B Biol Sci. 2018;373.

6. Dugatkin LA, Alfieri MS. Boldness, behavioral inhibition and learning.
Ethology Ecology & Evolution. 2003;15:43–9.

7. Madden JR, Langley EJG, Whiteside MA, Beardsworth CE, van Horik JO. The
quick are the dead: pheasants that are slow to reverse a learned association
survive for longer in the wild. Philos Trans R Soc B: Biol Sci. 2018;373:
20170297.

8. Mazza V, Eccard JA, Zaccaroni M, Jacob J, Dammhahn M. The fast and the
flexible: cognitive style drives individual variation in cognition in a small
mammal. Anim Behav. 2018;137:119–32.

9. Kralj-Fišer S, Schuett W. Studying personality variation in invertebrates: why
bother? Anim Behav. 2014;91:41–52.

10. Gosling SD. From mice to men: what can we learn about personality from
animal research? Psychol Bull. 2001;127:45–86.

11. Sih A, Bell AM, Johnson JC, Ziemba RE. Behavioral syndromes: an integrative
overview. Q Rev Biol. 2004;79:241–77.

12. Trompf L, Brown C. Personality affects learning and trade-offs between
private and social information in guppies, Poecilia reticulata. Anim Behav.
2014;88:99–106.

13. Range F, Bugnyar T, Schloegl C, Kotrschal K. Individual and sex differences
in learning abilities of ravens. Behav Process. 2006;73:100–6.

14. Guido JM, Biondi LM, Vasallo AI, Muzio RN. Neophobia is negatively related
to reversal learning ability in females of a generalist bird of prey, the
Chimango Caracara, Milvago chimango iAnim Cogn 2017;20:591–602.

15. Svartberg K. Shyness–boldness predicts performance in working dogs. Appl
Anim Behav Sci. 2002;79:157–74.

16. Amy M, van Oers K, Naguib M. Worms under cover: relationships between
performance in learning tasks and personality in great tits (Parus major).
Anim Cogn. 2012;15:763–70.

17. Brust V, Wuerz Y, Krüger O. Behavioural flexibility and personality in Zebra
finches. Ethology. 2013;119:559–69.

18. Ducatez S, Audet JN, Lefebvre L. Problem-solving and learning in Carib
grackles: individuals show a consistent speed-accuracy trade-off. Anim
Cogn. 2015;18:485–96.

19. Gibelli J, Aubin-Horth N, Dubois F. Individual differences in anxiety are
related to differences in learning performance and cognitive style. Anim
Behav. 2019;157:121–8.

20. Han CS, Dingemanse NJ. Effect of diet on the structure of animal personality.
Front Zool. 2015;12(Suppl 1). https://doi.org/10.1186/1742-9994-12-S1-S5.

21. Liedtke J, Redekop D, Schneider JM, Schuett W. Early environmental conditions
shape personality types in a jumping spider. Front Ecol Evol. 2015;3.

22. DiRienzo N, Johnson JC, Dornhaus A. Juvenile social experience generates
differences in behavioral variation but not averages. Behav Ecol. 2019;30:455–64.

23. Rosenzweig MR, Bennett EL. Psychobiology of plasticity: effects of training
and experience on brain and behavior. Behav Brain Res. 1996;78:57–65.

Liedtke and Fromhage BMC Evolutionary Biology          (2019) 19:234 Page 9 of 10

https://doi.org/10.5061/dryad.zw3r2284m
https://doi.org/10.5061/dryad.zw3r2284m
https://doi.org/10.1186/1742-9994-12-S1-S5


24. van Praag H, Kempermann G, Gage FH. Neural consequences of
environmental enrichment. Nat Rev Neurosci. 2000;1:191–8.

25. Liedtke J, Schneider JM. Social makes smart: rearing conditions affect
learning and social behaviour in jumping spiders. Anim Cogn. 2017.

26. Kihslinger RL, Nevitt GA. Early rearing environment impacts cerebellar
growth in juvenile salmon. J Exp Biol. 2006;209:504–9.

27. Burns JG, Saravanan A, Rodd FH. Rearing environment affects the brain size
of guppies: lab-reared guppies have smaller brains than wild-caught
guppies. Ethology. 2009;115:122–33.

28. Steinhoff POM, Liedtke J, Sombke A, Schneider JM, Uhl G. Early
environmental conditions affect the volume of higher-order brain centers in
a jumping spider. J Zool. 2018;304:182–92.

29. Bell AM, Sih A. Exposure to predation generates personality in threespined
sticklebacks (Gasterosteus aculeatus). Ecol Lett. 2007;10:828–34.

30. Niemelä PT, DiRienzo N, Hedrick AV. Predator-induced changes in the
boldness of naïve field crickets, Gryllus integer, depends on behavioural type.
Anim Behav. 2012;84:129–35.

31. Moran NP, Mossop KD, Thompson RM, Wong BBM. Boldness in extreme
environments: temperament divergence in a desert-dwelling fish. Anim
Behav. 2016;122:125–33.

32. Sommer-Trembo C, Petry AC, Silva GG, Vurusic SM, Gismann J, Baier J, et al.
Predation risk and abiotic habitat parameters affect personality traits in
extremophile populations of a neotropical fish (Poecilia vivipara). Ecology
and Evolution. 2017;7:6570–81.

33. Liedtke J, Fromhage L. Need for speed: short lifespan selects for increased
learning ability. Sci Rep. 2019;9:1–6.

34. Niemelä PT, Dingemanse NJ. Meta-analysis reveals weak associations
between intrinsic state and personality. Proc Biol Sci. 2018;285.

35. Toxopeus IB, Sterck EHM, van Hooff JARAM, Spruijt BM, Heeren TJ. Effects of
trait anxiety on performance of socially housed monkeys in a learning test.
Behaviour. 2005;142(9/10):1269–87.

36. Sih A, Mathot KJ, Moirón M, Montiglio P-O, Wolf M, Dingemanse NJ. Animal
personality and state-behaviour feedbacks: a review and guide for
empiricists. Trends Ecol Evol (Amst). 2015;30:50–60.

37. Bolnick DI, Svanbäck R, Fordyce JA, Yang LH, Davis JM, Hulsey CD, et al. The
ecology of individuals: incidence and implications of individual
specialization. Am Nat. 2003;161:1–28.

38. Schirmer A, Herde A, Eccard JA, Dammhahn M. Individuals in space:
personality-dependent space use, movement and microhabitat use facilitate
individual spatial niche specialization. Oecologia. 2019;189:647–60.

39. Rosenzweig ML. Competitive speciation. Biol J Linn Soc. 1978;10:275–89.
40. Dieckmann U, Doebeli M. On the origin of species by sympatric speciation.

Nature. 1999;400:354–7.
41. Brown C, Burgess F, Braithwaite VA. Heritable and experiential effects on

boldness in a tropical poeciliid. Behav Ecol Sociobiol. 2007;62:237–43.
42. Chase JM, Abrams PA, Grover JP, Diehl S, Chesson P, Holt RD, et al. The

interaction between predation and competition: a review and synthesis.
Ecol Lett. 2002;5:302–15.

43. Burkart JM, Schubiger MN, van Schaik CP. The evolution of general
intelligence. Behav Brain Sci. 2017;40:e195.

44. Lande R. Adaptation to an extraordinary environment by evolution of
phenotypic plasticity and genetic assimilation. J Evol Biol. 2009;22:1435–46.

45. Grob R, Fleischmann PN, Rössler W. Learning to navigate – how desert ants
calibrate their compass systems. Neuroforum 2019;0. doi:https://doi.org/10.
1515/nf-2018-0011.

46. Bailey IE, Morgan KV, Bertin M, Meddle SL, Healy SD. Physical cognition:
birds learn the structural efficacy of nest material. Proc R Soc B Biol Sci.
2014;281:20133225.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Liedtke and Fromhage BMC Evolutionary Biology          (2019) 19:234 Page 10 of 10

https://doi.org/10.1515/nf-2018-0011
https://doi.org/10.1515/nf-2018-0011

	Abstract
	Background
	Results
	Conclusions

	Background
	Methods
	Environment
	Predation
	Actions
	Learning
	Selectiveness
	Reproduction
	Mutation

	Results
	Discussion
	Conclusions
	Additional file
	Abbreviations
	Acknowledgements
	Authors’ contributions
	Funding
	Availability of data and materials
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	References
	Publisher’s Note

